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Abstract

This paper investigates the joint impact of public and private information on analysts’
forecasting behaviour. Information disclosure determines the quality and quantity of public
information. The geographical distance between listed firms’ headquarters and brokerage
houses determines the difficulty and costs of analysts obtaining private information, which
affect the quality and quantity of private information. Firstly, this paper finds results
consistent with prior literature that the higher the disclosure level of the firm and the shorter
the geographical distance between firms and brokerage headquarters, the more frequently
analysts make earnings forecasts and the lower the forecast errors. Furthermore, this paper
examines the joint effects of information disclosure and geographical distance on analysts’
forecasts and finds that information disclosure quality imposes a stronger impact on analysts’
forecast frequency and forecast error than distance. Moreover, the effect of geographical
distance on the frequency and errors of analysts’ forecasts is manifested only in the case of
higher information disclosure quality. These results imply that both public and private
information affect analysts’ forecasts but that their effects are asymmetric. Public
information has a significantly stronger impact on analysts’ forecasts than private
information, and the effect of private information depends on a better public information
environment. This paper has significant value to public policy regulators, market
participants, stakeholders, and academics in China and can help to increase their
understanding of the impact of public and private information on analysts’ forecasts.
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l. Introduction

As its securities market develops, China’s Ministry of Finance continues to deepen its
fiscal and tax reforms. Since a major change in China’s accounting standards in 2006, the
pace of reform has accelerated. Accounting standards and taxation system reforms have
prompted tremendous changes in China’s securities market information environment, and
these changes have inevitably significantly impacted the behaviour of accounting
information providers and information intermediaries. Utilising public and private
information, financial analysts, as information intermediaries, make earnings forecasts,
stock ratings and recommendations, and so forth in order to provide decision-relevant
information to capital market participants. Thus financial analysts play an important role in
the mitigation of information asymmetry between listed firms and outside investors as well
as in the improvement of capital market efficiency. On the basis of the market environment
of the past 10 years, this paper attempts to examine generally how public and private
information jointly impact the behaviour of financial analysts. The examination herein is
significantly different from prior studies in that it studies the two types of information in the
same model.

Prior studies have examined the impact of public information on analysts’ forecasts,
including financial statements, management earnings forecasts (Baldwin, 1984; Hodder et
al., 2008; Langberg and Sivaramakrishnan, 2008; Libby et al., 2006), and comprehensive
information disclosure (Hope, 2003a; Bai, 2009; Fang, 2007). In recent years, researchers
such as Green et al. (2014), Mayew et al. (2013), and Malloy (2005) have measured the
differences in private information obtained by financial analysts by analysing their
behaviour and have investigated the impact of private information on financial analysts’
forecasts. This article is different from these studies in that it attempts to comprehensively
investigate the joint impact of public and private information on financial analysts’ forecasts.
Using the information disclosure index to measure the quantity and quality of public
information, and geographical distance to measure the quantity and quality of private
information, this paper examines the joint impact of such information on the analysts’
forecasting behaviour and finds that higher levels of information disclosure and shorter
geographical distance lead to lower analysts’ forecast errors and more frequent forecast
reports. These findings are consistent with the previous literature. This paper also finds,
through theoretical discussion and empirical analysis, that under the combined effect of
public and private information on analysts’ forecasts, information disclosure has a
significantly greater influence on analysts’ forecasts than geographical distance. In addition,
when the full data sample is divided into two groups according to the level of information
disclosure, geographical distance has a significant impact on forecast errors and frequency

only in the higher group. These results imply that compared to private information, public
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information has a greater impact on analysts’ forecasting behaviour.

This study makes two contributions to the literature. First, it complements previous
research results. Unlike previous separate investigations of the impact of public and private
information on analysts’ forecasts (e.g. Baldwin, 1984; Hodder et al., 2008; Langberg and
Sivaramakrishnan, 2008; Libby et al., 2006, Bai, 2009; Fang, 2007), this paper focuses on
the combined effect of the two, yet it validates previous research results. Second, its
research findings have practical significance. Financial analysts play an important
intermediary role in capital markets, reducing the information asymmetry between investors
and listed companies. With the continuing reform of China’s securities market and the
gradual improvement of the public information environment, the impact of the combined
effect of public and private information on financial analysts’ forecasts has become an
important issue of concern to all capital market participants. This study provides an answer
to this important question. Our research findings will also help investors better understand

and predict the behaviour of financial analysts and enable them to make rational decisions.

Il. Literature Review

Financial analysts play an important role in information processing and transfer in
capital markets. Due to the unavoidable information asymmetry between investors and listed
companies, professional analysts evaluate situations and provide research reports on the
basis of public and private information, thereby reducing information asymmetry. Financial
analysts simultaneously observe public information, including periodic reports disclosed by
companies, management earnings forecasts, and audit reports, as well as some specific types
of managerial behaviour (e.g. manipulating profits, investments, and financing behaviour).
Such information can be observed publicly by capital market participants and financial
analysts. The prior literature on public information, such as Pankoff and Virgil (1970),
McEwen and Hunton (1999), and Vergoossen (1993), focuses on how the accuracy of
financial analysts’ forecasts relates to accounting numbers. Subsequent studies have started
to emphasise the specific structure and quality of financial statements and to examine
whether and how specific contents and different qualities have influence over analysts’
earnings forecasts: for example, whether the content of segment reports has an impact on
analysts’ earnings forecasts (Baldwin, 1984) and whether earnings management, audit
quality, and professionalisation (Li and Jia, 2009) affect analysts’ earnings forecasts (Behn
et al., 2008; Burgstahler and Eames, 2003; Payne, 2008; Robertson, 1988; Yu, 2008). In
addition to regularly reported public information, management also disclose future corporate
earnings forecasts. Hence, some researchers have examined whether and how these future
corporate earnings forecasts affect financial analysts’ forecasts (Libby et al., 2006; Wang et

al., 2015; Wang and Wang, 2012). Recent studies have focused on the integrated
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information environment, such as the information disclosure index and accounting standards,
investigating how the external environment influences analysts’ forecasting behaviour.
O’Brien and Bhushan (1990), Lang and Lundholm (1996), and Bai (2009) find that the
higher a company’s level of information disclosure, the more analysts are going to follow
the company. Lang and Lundholm (1996) and Bai (2009) further find a higher accuracy and
lower dispersion of analysts’ forecasts among companies with higher disclosure levels.
Hope (2003b), through an examination of the relationships among the levels of information
disclosure, analysts’ forecast errors, and forecast dispersions, finds that the level of
information disclosure is negatively correlated with forecast error and dispersion. The above
studies consistently conclude that higher levels of information disclosure lead to more
accurate forecasts and lower forecast dispersion. These studies imply that either public
information or the information environment has a significant impact on analysts’ forecasting
behaviour.

Public information is what can be observed from, and what is disclosed by, companies.
However, the interpretations and utilisation of such public information by analysts can be
defined as private information. Hu and Lin (2005), through the survey research method, find
that the information obtained by financial analysts in China can be classified into four
categories: publicly disclosed information, research information, collateral information, and
informal information. This means that research information, collateral information, and
informal information can be defined as private information. Since private information is
difficult to observe and measure, there are fewer studies on the impact of private
information on analysts’ forecasting behaviour. Chen and Jiang (2006) investigate analysts’
forecasting processes and find that analysts rely more on private than public information to
make earnings forecasts. Green ef al. (2014) find that the more private information financial
analysts obtain, the higher the accuracy of analysts’ forecasts. Mayew et al. (2013)
investigate the impact of private information obtained via conference calls on analysts’
forecast accuracy and find that financial analysts participating in these conference calls issue
timelier and more accurate forecast reports. Hence, they determine that participating in
conference calls can be useful for identifying whether financial analysts have private
information advantages.

Analysts rely on both public and private information to make forecasts. Therefore, the
first question is: What is the relationship between private information and public
information? Verrecchia (1982) and Bushman (1991) suggest that in a perfect and
competitive market, information disclosure reduces information asymmetry and increases
investor welfare such that public information and private information are substitutes for
each other. However, McNichols and Trueman (1994) and Lundholm (1988) believe that
more public information will lead to an increase in private information, resulting in no

change in information asymmetry, because some market participants make use of public
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information as resources to obtain private information; therefore, public and private
information are complementary to each other. Wang (2006) examines the price and liquidity
effects of information disclosure in China and finds that public and private information are
complementary to each other in the Chinese stock market.

Therefore, the second question is: How do public and private information jointly
impact financial analysts’ forecasts? The results of prior studies are inconsistent. Gintschel
and Markov (2004) believe that if public information disclosure rules are effective, private
information will be reduced, analysts’ forecast accuracy will decrease, and forecast
dispersions will increase. De Jong and Apilado (2009) find that greater information
disclosure can have the effect of reducing or removing private information, which helps
improve the accuracy of analysts’ forecasts. Although the above researchers consistently
agree that a higher level of public information disclosure leads to a reduction in private
information, their conclusions about the impact on forecast accuracy are inconsistent. The
inconsistencies in the findings prompted this study to investigate how public and private

information jointly influence analysts’ forecasts in China.

lll. Research Hypotheses and Regression Model
3.1 Theoretical Model and Research Hypotheses

Earlier researchers have analysed the influence of public information disclosure (Hope,
2003b; Langberg and Sivaramakrishnan, 2008; Libby et al., 2006; Bai, 2009) and private
information (Chen and Jiang, 2006; Mayew et al., 2013) on analysts’ forecasts. Compared
with the prior research above, this paper focuses on how securities analysts predict earnings
and make decisions when simultaneously facing public and private information and
discusses the joint influence of public and private information on securities analysts’
forecasts following the theoretical framework of Barronet et al. (1998).

N represents the number of financial analysts following a company. The earnings
forecasts of each financial analyst are defined as y. Assume that y is normally distributed
with mean y and variance 1/4 (4 is the precision). Generally, analysts can gain two kinds of
information: common (public) information and idiosyncratic (private) information. Further
assume that public information is equal to the actual earnings during a previous period (with
mean y and precision /). Private information refers to the information some analysts can
observe but others cannot; it is defined as z; =y + ¢;, where ¢; is independent and
identically distributed (i.i.d.) with mean zero and variance 1/s;. Different analysts have
access to private information of different quality. Therefore, s;s varies among analysts.

It is assumed that each analyst’s earnings forecasts reflect his or her best estimate of
earnings based on the available public and/or private information, and thus the analyst’s

conditional expectation is a weighted average of the public and private information, with the
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precision of each piece of information as the weight. The analyst’s earnings forecasts,

denoted by u;, are defined as

h)_/ + SiZ;

h+s; b

ui = Elylz] =
Equation (1) shows that financial analysts’ best estimate of earnings is the weighted
average of the mean actual earnings during the past period and earnings forecasts based on
private information. Equation (1) reveals the decision-making procedure of analysts’
earnings forecasting. First, if there is no private information, the analyst will predict current
earnings only on the basis of the average actual earnings during the past period. Second,
financial analysts obtain private information from two sources: their understanding and
analysis of public information and their own investigations to gain such information, such as
on-site visits. Generally, both public and private information are flexible, so the
decision-making processes of financial analysts are based on all the information they obtain,
taking the precision of each piece as the weight.

From Equation (1), the average forecast value of each analyst is calculated as

1% o hy +
_ 1 o Y T SiZ;
u—NZul Z hts, @

Thus, the observed dispersion in forecasts, denoted by d, is defined as the sample

variance of y;: that is,

N
1
= mZ(Hi - w? A3)

Generally, the non-random dispersion measure of all analysts, denoted by D, is simply

the unconditional expectation of d: that is,

N
Z(ui - u)?
i=1

Equation (4) shows that the forecast dispersions of all financial analysts is the average

N
1 1
D = E[d] =mE =m;Var(lli_M) 4)

variance of the difference between the earnings forecast (u;) of individual analysts and the
mean value of all analysts’ forecasts. Because both y; and y contain common information y
with mean y, D is further influenced by the quality of private information gained by each

individual analyst. Hence, from the perspective of the entire information environment, D
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can be viewed as the average quality of private information obtained by financial analysts.
Furthermore, the analysts’ forecast error, denoted by e, is the actual earnings (y) minus

the mean forecast (u): that is,
e=y—u (5)

The forecast error for all analysts, denoted by SE, is the expectation of the squared error in

the mean forecast: that is,

SE = E(e?) = E[(y — )?] (6)

What is discussed above is the decision-making procedure of analysts’ forecasts based
on the public and private information they obtain. Then, the influence of the information
environment on analysts’ earnings forecasts is analysed. Two general properties of the
analysts’ information environment are introduced. The first property is the level of residual

uncertainty for individual analysts, which is defined as follows:

1
h+SL'

= E[(y —u)? = ()

Equation (7) shows that the expected variance of the difference between actual
earnings and the earnings forecast predicted by financial analysts is conditional upon the
information available to them and is equal to the derivative of the sum of the precision of
public and private information. The overall uncertainty level V is defined as simply the

individual uncertainty averaged over N analysts: that is,
N N
i=1

=1
Equation (8) shows that the overall uncertainty level is the variance of the difference

®)

ZIH
ZIH

between analysts’ predicted earnings and actual earnings. Then, the average value for all
analysts is calculated. In other words, the overall uncertainty level is a function of the
accuracy of the public and private information available to all financial analysts.

The second measure introduced is the degree of consensus among analysts. This is
defined as the average covariance of the difference between earnings forecast and actual

earnings among all analysts.

CE%iCi:%i ZCov(y Ui,y — y]) )

=1 i=1 J#i
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One can interpret the average covariance, C, as common uncertainty — that is, the
uncertainty shared by all analysts attributable to their reliance on imprecise public
information.

According to Equation (9), the forecast dispersion and (expected squared) error in the
mean forecast are D and SE, respectively; uncertainty is V; and average covariance is C. The

equation is stated as follows:

N N
12 12 E[( =C+D 10
=V =V [(y — u;)? (10)
i=1 i=1
SE—C-I-D 11
= N (11)

V' is the overall uncertainty for all analysts when they make earnings forecasts. It equals the
average variance of the difference between actual earnings and earnings forecasts. D is the
average variance of the difference between the earnings forecast of analyst 7 and the mean
earnings forecasts of all analysts. C is the average covariance of the difference between the
earnings forecast of analyst i and actual earnings. Hence, Equation (10) implies that the
overall uncertainty of analysts’ forecasts is the sum of the variance of the difference in
earnings forecast between an individual analyst 7 and all analysts following the firm and the
covariance of the difference between an individual analyst’s earnings forecast and actual
earnings.

In Equation (11), SE is forecast error, which equals the sum of the covariance of the
difference between an individual analyst’s earnings forecast and actual earnings (C), and
part of variance of the difference between the earnings forecast from individual analyst i and
the mean earnings forecast from all analysts (i.e. D/N). According to the analysis above, D
is influenced mainly by the quality (or uncertainty) of the private information obtained by
each financial analyst. Private information produces the difference between the earnings
forecast from a specific analyst and the mean earnings forecast from all analysts (consensus
forecast). The more private information an analyst obtains, the larger the difference.
Meanwhile, C consistently shows the extent of the difference between earnings forecast and
the actual value among analysts. C is mainly influenced by the public information obtained
by financial analysts. Public information can be observed by all analysts simultaneously,
which helps them make consistent earnings forecasts. Therefore, a difference between the
consistent earnings forecast made by all analysts and the actual value of earnings only
occurs when analysts make forecasts on the basis of public information. All in all, analysts’
forecast error is dependent upon public information (quantity or quality) and some of their

private information (quantity and quality).
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Following the theoretical model above, public information is denoted by Publn and
private information by Prviinf, and the regression model is built according to Equation (11)

as follows:
SE = a + f * PubInf +y * Prvinf + ¢ (12)

Compared with Equation (11), it is inferred from Equation (12) that § = 1andy = 1/N.
Because N>1,” it is reasonable to predict that # > y.> This means that the influence of
public information is greater than idiosyncratic, or private, information. The first hypothesis

in this paper is as follows:

H1: The impact of public information on analysts’ forecast errors is greater than

that of private information.

According to H1, if the impact of public information on analysts’ forecast errors is
greater than that of private information, the second related question is whether the effect of
private information is dependent upon a better public information environment. In the
theoretical analysis above, private information is defined as z; = y + ¢;. This means that
private information is related to the public information obtained by analysts during the past
period (i.e. y) and specific idiosyncratic information (i.e. &;). The latter is dependent upon
the information process of financial analysts, such as understanding public information, or
his or her efforts and actions. Public information is the most available information an analyst
can obtain. Firstly, analysts need to explain, understand, and process the common
information, which will help them to gain more effective private information. McNichols
and Trueman (1994) and Lundholm (1988) argue that public information can lead to
increases in private information because some market participants use public information as
a source of private information. The availability of a large quantity of high-quality
information improves the reliability of analysts’ public information, which saves analysts’
time and effort, enabling them to concentrate on analysis and obtaining private information.
Obtaining a higher quantity or quality of private information can help analysts improve the
accuracy of their forecasts. So, it is reasonable to predict that the influence of private
information on analysts’ forecasts is greater in a better public information environment. The

second hypothesis is as follows:

In practice, N=1 is also possible, meaning that some companies are in a particular year covered by only
one analyst. If only one analyst issues a forecast report, the forecast dispersion cannot be calculated. In
this paper, Equations (3) and (4) cannot be established. Hence, N > 1 is a necessary precondition.

The purpose of this study is to investigate whether the impact of public information or private
information is stronger, as well as their joint effect. So, the theoretical model is limited to inferring the
relative effects of f and y. Therefore, the main empirical test of this paper is to evaluate and analyse
whether f is greater than y, not to testif f=1and y=1/N.
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H2: The impact of private information on analysts’ forecasts is greater in a better

public information environment.

3.2 Research Design and Linear Model

Before discussing the definitions of key variables and the regression model, two
caveats have to be noted. First, this study mainly focuses on the differences in terms of
impact on analysts’ forecast error between public and private information. Another main test
is to find out whether and how public and private information impact the number of forecast
reports issued by financial analysts (i.e. forecast frequency), which is additional evidence
for verifying the hypotheses. Second, before testing hypotheses H1 and H2, the separate
influences of public and private information on forecast error and frequency have to be
tested. It is very important to test H1 and H2 because if the separate effects of public and
private information do not exist, testing the joint effects would not be necessary.

Since it is very difficult to observe the efforts or actions of financial analysts to gain
private information, private information is measured as the geographical distance between
the headquarters of the brokerage house the analyst works with and the listed firm followed
by the same analyst. Recent studies have begun to focus on the relationship between this
geographical distance, or location, and the behaviour of economic participants: for example,
the impact of geographical distance on bank loans (Agarwal and Hauswald, 2010; Garcia
and Norli, 2012; Hauswald and Marquez, 2006; Petersen and Rajan, 2002), the relationship
between stock returns and geographical factors (Garcia and Norli, 2012; Kim et al., 2012),
the impact of location on corporate actions such as the dividend payout policy (John et al.,
2011), the impact of geographical factors on the performance of mutual funds (Teo, 2009),
and the impact of location on auditor independence (DeFond et al., 2008). All such research
is based on the same theoretical logic that geographical location, or proximity, increases the
information advantage of economic participants. These economic participants can gain
private information at a lower cost, thereby decreasing transaction costs. From the
perspective of geographical location, some researchers have investigated the relationship
between location and analysts’ forecasts. For example, Bae et al. (2008) and Wang et al.
(2010) investigate the differences in the accuracy of forecasts on local firms between local
and foreign analysts. They find that local analysts generate more accurate forecasts than
foreign analysts because the former have an information advantage due to their closer
proximity to local firms. Hence, this paper also adopts the geographical distance between
the headquarters of analysts and the listed firm as the measurement of private information.

A comprehensive indicator is used to measure public information — the information
disclosure index of the listed firm, which is a disclosure rating (DC rating). The Shenzhen

Stock Exchange evaluates the disclosure quality of each listed firm and publishes the index
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annually. On the basis of this measure, some papers, such as Fang (2007) and Bai (2009),
have investigated the relationship between information transparency and securities analysts’
forecasts. They find that the greater the transparency of information, the higher the accuracy
of analysts’ forecasts. Hence, the geographical distance between the analyst’s headquarters
and the listed firm is used as a proxy for private information and the disclosure rating for

public information. The regression models are set up as follows:

AnlBeh; ;. = a + p,DC_rating;; + y,Ananum;; + y,Gexp;. + ysFexp; j
+ vaBrksizej, + ysFH; j + yeIntan;, + y;Lev;; + ygBM;; + yoSize;,
+ Year/Ind + ¢; (13)

AnlBeh; ;. = a + p;Distance;;, + yiAnanum;, + y,Gexp;, + ysFexp; ;. + yaBrksize;,
+vysFH; ;. + yeIntan; +y,Lev;, + ygBM;; + yoSize;; + Year/Ind
+ €t (14)

AnlBeh; ;. = a + p,DC_rating;; + B,Distance; j; + y,Ananum;; + y,Gexp;,
+ vsFexp; j + vaBrksize;, + ysFH; j; + yeIntan;; + y,Lev;,
+ ygBM; + yoSize;, + Year/Ind
+ & (15)

Regression models (13) and (14) examine the separate impact of public and private
information, and model (15) examines their joint effect on analysts’ forecasting behaviour.
In the models above, the dependent variable is analysts’ forecasting behaviour, denoted by
AnlBeh, which includes the number of analysts’ forecast reports (Anlrptnum) and the
forecast error (Ferror). Anlrptnum is equal to the logarithm of the number of forecast reports
issued by all analysts in a brokerage house covering firm i in year ¢. Ferror is the forecast
error or accuracy, which equals the absolute value of the difference between the earnings per
share (EPS) forecast of analysts and the actual value divided by the total market value at the
end of the previous year. Since a brokerage house may issue forecasts about firm i several
times in year ¢, the average earnings forecast is used. The two dependent variables are taken
at the firm-year-analyst level.

Regarding the main explanatory variables, Distance is the geographical distance
between company i and analyst j in year ¢; its natural logarithm is taken as the proxy for
private information. The shorter the distance between firms and analysts, the more private
information analysts have. DC rating is the information disclosure rating derived from the
Shenzhen Stock Exchange disclosure index, which is the proxy for public information. All
the firms listed on the Shenzhen Stock Exchange are divided into four categories: D (fail), C
(pass), B (good), and A (excellent). For DC rating, 1, 2, 3, and 4 are used to represent D
(fail), C (pass), B (good), and A (excellent), respectively. The smaller the value of the

DC rating, the lower the disclosure rating and the worse the public information
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environment. Thus, model (13) tests the public information effect on analysts’ forecasts,
model (14) tests the private information effect on analysts’ forecasts, and model (15) tests
both jointly. For hypothesis H2, the full sample is divided into two groups according to
DC rating, and then, on the basis of model (14), the effect of private information on

analysts’ forecasts in different public information environments is examined.

Table 1 Variable Definitions

Variable Definition

Ferror Absolute value of the difference between the analyst’s EPS forecast and the
actual EPS, multiplied by 100 and then divided by the total market value at the
end of last year.

Anlrptnum Number of analysts’ forecast reports for each listed firm.

Distance Natural logarithm of the geographic distance between the headquarters of the
financial analyst and that of the listed firm, multiplied by -1. This means that
the greater the measure, the shorter the geographic distance and the more
private information gained.

DC rating Natural logarithm of information disclosure index.
Ananum Natural logarithm of the number of analysts covering each listed firm.
Gexp General experience of analysts, which equals the natural logarithm of the year

difference between the year in which an analyst issue his or her first forecast
report and the current year.

Fexp Specific experience of analysts on following a listed firm, which equals the
natural logarithm of the year difference between the year in which analyst j
issues his or her first forecast report for firm i and year ¢.

Brksize Brokerage size, which equals the natural logarithm of the number of analysts
the brokerage firm has.

FH Analysts’ forecast horizon, which equals the natural logarithm of the number of
calendar days difference between the analyst’s forecast report date and the
firm’s earnings announcement date.

Intan Ratio of intangible assets to total assets.

Lev Debt ratio, which equals the total liabilities of each firm divided by its net
assets

BM The ratio of the book value of each firm’s net assets to its market value

Size The natural logarithm of the total market value of stock equity

With regard to the control variables, Ananum is the natural logarithm of the number of
analysts who issue at least one forecast report for firm i in year ¢. Gexp refers to the general
experience of analysts, which is equal to the natural logarithm of the time span between the
year in which an analyst issues his or her first forecast report and the current year. Fexp
refers to the specific experience of analyst j following firm i in year #, calculated as the

natural logarithm of the time span between the year in which analyst j issues the first
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forecast report for firm i and year ¢. Brksize refers to the size of the brokerage house,
measured as the natural logarithm of the number of analysts each brokerage house has. FH
refers to the natural logarithm of the number of calendar days between each analyst’s
earnings forecast date and the earnings announcement date. Intan, Lev, BM, and Size are
firm characteristics. Intan equals intangible assets divided by total assets. Lev equals the
total liabilities divided by net assets. BM equals the book value of stock equity divided by its
market value. Size equals the natural logarithm of the total market value of firm i. Year/Ind

refers to the year and industry dummy variables.

IV. Empirical Analysis
4.1 Sample Selection and Descriptive Statistics

In this paper, the initial sample includes all analysts’ forecasts from 2002 to 2011 for
the 1,583 firms listed on the Shenzhen Stock Exchange,® totalling 11,245 firm-year
observations. Because each financial analyst may forecast earnings several times a year, and
because there may be multiple analysts covering each firm, there is a total of 62,330
firm-year-analyst observations and 130,170 firm-year-analyst-forecast observations. Table 2
presents the sample selection procedures. First, B-share firms are excluded. Second,
following Cuijpers and Buijink (2005), only those analysts’ forecast reports issued within
180 calendar days before the earnings announcement date are included. Third, firms in the
finance and insurance industries are excluded. Finally, the missing values of the mean
variables are dropped from the sample. The final sample includes 21,901 firm-year-analyst
observations. All the data, including the financial data and firm location information, are
taken from the CSMAR database. All the variables are winsorised at the highest and lowest

1% extreme values.

Table 2 Sample Selection

Sample Selection Procedure Obs #firm-year-analysts #firm-years #firms

All analysts’ forecasts from 2002 to 2011 130,170 62,330 11,245 1,583
After deleting B-share firms 129,590 61,772 10,688 1,524
After keepi lysts’ fi ts duri t si

er eeplng ana ys. s’ forecasts during past six 62,194 35,004 4,632 1,375
months prior to earnings announcement dates
After keeping samples at the firm-year-analyst level 35,094 35,094 4,632 1,375
After d_eletmg firms in finance and insurance 34,369 34,369 4,575 1,365
industries
After deleting the observations with missing values 21,901 21,901 3,318 695

* Since only the Shenzhen Stock Exchange requires disclosure of the information disclosure index of listed
companies, sample firms are limited to Shenzhen-listed companies.
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Panel A of Table 3 lists the yearly distribution of the information disclosure rating of
Shenzhen-listed firms. In 2002, out of the 99 listed firms that had disclosed information,
3.03%, 28.28%, 54.55%, and 14.14% were rated D (fail), C (pass), B (good), and A
(excellent), respectively. But in 2011, the disclosure rating percentages changed
significantly to 1.07%, 21.49%, 64.3%, and 13.14%, respectively. It is obvious that most of
the Chinese listed firms are rated “good”, and during the years 2002 to 2011, the number of
companies that were rated “pass” decreased and the number of “good” firms increased. This
implies that the information disclosure level of Chinese listed firms is improving. Panel B of
Table 3 lists the distribution of the geographical distance between listed firms and brokerage
houses. As shown by the table, the distances are mostly between 1,000km and 2,000km,
accounting for 43.06% of the listed firms; the distance is within 500km for 18.33% of the
listed firms, between 500 and 1,000km for 17.14%, and over 2,000km for 21.47%. This
means that there is certain dispersion in the geographical location, which helps to

distinguish the difference in private information between analysts.

Table 3 Distribution of Information Disclosure Ratings and Geographical Distance

2002 2003 2004 2005 2006 2007 2008 2009 2010 2011 Total
Panel A: Distribution of Information Disclosure Ratings
D (Fail) 3 5 1 2 5 5 | 1 6 6 35
303 4 0.88 092 1.69 134 021 0.19 1.13 1.07
C (Pass) 28 26 15 36 70 96 90 98 106 121 686
2828 20.8 13.27 16.59 23.73 2581 1848 19.07 19.89 21.49
B (Good) 54 71 78 138 171 218 326 341 347 362 2,106
5455 56.8 69.03 63.59 5797 58.6 6694 6634 65.1 64.3
A (Excellent) 14 23 19 41 49 53 70 74 74 74 491
14.14 184 16.81 18.89 16.61 14.25 1437 144 13.88 13.14
Total 99 125 113 217 295 372 487 514 533 563 3318
Panel B: Distribution of Geographical Distance (km)
<=500 29 47 36 168 158 273 521 374 394 276 2276
25.44%20.43% 15.32% 20.44% 18.08% 19.50% 18.48% 18.94% 18.27% 15.38% 18.33%
>500and 16 36 28 119 158 262 480 343 393 294 2,129
<=1000 14.04% 15.65% 11.91% 14.48% 18.08% 18.71% 17.03% 17.37% 18.23% 16.39% 17.14%
>1000 and 44 99 117 347 379 579 1,175 853 931 824 5,348
<=2000 38.60% 43.04% 49.79% 42.21% 43.36% 41.36% 41.68% 43.19% 43.18% 45.93% 43.06%
>2000 and 24 34 47 149 155 231 495 318 317 293 2,063
<=3000 21.05% 14.78%20%  18.13% 17.73% 16.50% 17.56% 16.10% 14.70% 16.33% 16.61%
>3000 1 14 7 39 24 55 148 87 121 107 603
0.88% 6.09% 2.98% 4.74% 2.75% 3.93% 5.25% 4.41% 5.61% 5.96% 4.86%
Total 114 230 235 822 874 1,400 2,819 1,975 2,156 1,794 12,419
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Panel A and Panel B of Table 4 list the descriptive statistics and correlation matrix of
correlated variables. Ferror is the error of analysts’ forecasts, the mean value of which is
1.955%, which suggests that the average error of analysts’ forecasts is nearly 2% of each
firm’s market value in China. Anlrptnum shows that the average number of forecast reports
issued by each broker for every year is 1.866. Distance is the geographical distance between
the brokerage headquarters and listed companies, the mean value of which is 1,341km.
DC rating is the information disclosure rating of listed firms, the mean value of which is
3.097, which suggests that the information disclosure level of most listed companies reaches
at least B, similar to the results presented in Table 3. Ananum shows that the average
number of analysts following each company is 15.02. Gexp shows that the experience of
analysts is, in general, 3.49 years. Fexp shows that the average firm-specific experience of
analysts is 1.62 years. During the sample period, the average number of analysts that

brokerage houses have is 29.1 (Brksize).

Table 4 Descriptive Statistics and Correlation Matrix

Panel A: Descriptive Statistics

Variable Obs. Mean Std. P25 Median P75
Ferror 21,901 1.955 3.640 0.258 0.725 2.037
Anlrptnum 21,901 1.866 1.399 1.000 1.000 2.000
Distance (original value) 21,901 1,341 879 741 1304 1890
DC rating (original value) 21,901 3.097 0.626 3.000 3.000 3.000
Ananum (original value) 21,901 15.02 10.37 7.00 13.00 22.00
Size (million yuan) 21,901 12,958 19,577 3,039 6,053 13,470
Gexp (original value) 21,901 3.49 2.06 2.00 3.00 5.00
Fexp (original value) 21,901 1.62 1.13 1.00 1.00 2.00
Brksize (original value) 21,901 29.10 14.30 18.00 29.00 38.00
Intan 21,901 0.041 0.044 0.013 0.030 0.054
Lev 21,901 0.138 0.155 0.012 0.068 0.240
BM 21,901 0.354 0.257 0.171 0.280 0.465
FH 21,901 264.84 90.48 196.00 263.00 339.50

Panel B of Table 4 reports the correlation matrix of the variables. The Pearson
correlation coefficients are in the upper right corner, and the Spearman correlation
coefficients are in the lower left corner. As shown by the table, there is a negative
correlation between Distance and Ferror, which means that the forecast error is less when
the distance between listed companies and brokers is shorter. There is a positive correlation
between Distance and Anlrptnum (the Spearman coefficient is not significant), which means
that analysts update forecast reports more frequently when the distance between listed

companies and brokers is shorter. There is a negative correlation between DC rating and
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Ferror, which means that the forecast error is less when the information disclosure level is
higher. There is a positive correlation between DC rating and Anlrptnum, which means that
analysts update their forecast reports more frequently when the information disclosure level
is higher. As shown from the correlation coefficients between other variables, there is no

serious multicollinearity among them.

4.2 Separate Influence of Public and Private Information on Analysts’
Forecasts

We first use model (13) to test the influence of public information, and the results are
presented in Table 5. Panel A of Table 5 lists the univariate test results, and Panel B lists the
multiple regression results. In Panel A, the lower information disclosure rating group
includes companies rated D (fail) or C (pass) and the higher rating group includes those
rated B (good) or A (excellent). As shown by the table, the average value of Ferror is 2.35%
for the lower rating group and 1.89% for the higher rating group. In addition, the average
value of Ferror for the lower rating group is significantly greater than that for the higher
rating group. This means that analysts’ forecast errors are fewer for firms with a higher
disclosure rating. Similarly, the value of Anlrptnum is 1.7559 for the lower group and
1.8845 for the higher group, and the difference between them is significant. This means that
analysts update their forecast reports more frequently for firms with a higher disclosure
rating. As shown by the multiple regression results in Panel B of Table 5, when other
variables, such as firm size (Size) and brokerage size (Brksize), are controlled for,
DC rating has a significantly negative influence on Ferror. This means that the forecast
errors are fewer when the information disclosure rating is higher. The research result is
consistent with previous findings (e.g. Bai, 2009; Fang, 2007). In addition, DC rating has a
positive but insignificant influence on Anlrptnum. This means that analysts update their
forecast reports more frequently when the information disclosure level is higher, but the
difference is not significant.

Model (14) is used to test the influence of private information on Anlrptnum and Ferror.
The results are presented in Table 6. Panel A and Panel B of Table 6 list the univariate and
multiple test results, respectively. As shown by the results of the univariate tests, the average
value of Ferror is 1.90% for the shorter distance group and 2.02% for the greater distance
group and the difference between them is significant at the 5% level. Analysts’ forecast error
is therefore less when the distance between analysts and firms is shorter. Moreover, the
average value of Anlrprnum is 1.8833 for the shorter distance group and 1.8465 for the
greater distance group and the difference between them is significant at the 10% level. This
means that analysts update their forecast reports more frequently for firms at a shorter rather
than greater distance from the analysts. Panel B of Table 6 shows that Distance has a

significantly negative influence on Ferror and a significantly positive influence on
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Anlrptnum. These results are the same as the univariate results, which are also consistent

with previous studies (e.g. Malloy, 2005).

Table 5 Impact of Information Disclosure Rating on Analysts’ Forecasts

Panel A: Univariate Test

Variable DC rating Obs. Mean Median T-value Z-value

Ferror Lower 3,216 2.3504 0.7833 5.52%%* 4.12%**
Higher 18,685 1.8868 0.7143

Anlrptnum Lower 3,216 1.7559 1.0000 -5.09%#* 5 49%**

Higher 18,685 1.8845 1.0000
Panel B: Multivariate Test

Variable Ferror Anlrptnum
DC rating -1.0169%** 0.0093
(-3.07) (0.61)
Ananum -0.4212%** 0.0674***
(-3.86) (12.74)
Size 0.1121 0.0339%**
(1.31) (7.29)
Gexp 0.0329 0.0369%**
(0.60) (5.84)
Fexp 0.1628* 0.1535%**
(1.66) (13.61)
Brksize -0.0826** 0.0968***
(-1.98) (17.79)
Intan -0.6574 0.0925
(-0.55) (1.09)
Lev 3.2283%** -0.0331
(4.64) (-1.38)
BM 3.9314%** -0.0318**
(6.36) (-1.99)
FH 1.8827*** 0.0173***
(17.34) (2.85)
Year Control Yes Yes
Industry Control Yes Yes
Observations 21,901 21,901
Adj. R? 0.278 0.148

Note: The t-values in parentheses are based on standard errors adjusted for firm-level clustering. ***, **,
and * indicate significance at the 0.01, 0.05, and 0.10 levels, respectively, based on two-tailed tests.
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Table 6 Impact of Geographical Distance on Analysts’ Forecasts

Panel A: Univariate Test

Variable Distance Obs. Mean Median T-value Z-value
Ferror Shorter 11,409 1.8984 0.7078 -2.39%* -2.65%**
Greater 10,492 2.0163 0.7412
Anlrptnum Shorter 11,409 1.8833 1.0000 1.95% 0.75
Greater 10,492 1.8465 1.0000
Panel B: Multivariate Test
Variable Ferror Anlrptnum
Distance -0.0333** 0.0054***
(-2.21) (3.05)
Ananum -0.5131*%* 0.0687%**
(-4.89) (13.30)
Size 0.1091 0.0338***
(1.32) (7.30)
Gexp 0.0442 0.0365%**
(0.81) (5.77)
Fexp 0.1307 0.1527%**
(1.36) (13.42)
Brksize -0.0843%* 0.0968***
(-2.01) (17.86)
Intan -0.4705 0.0877
(-0.40) (1.02)
Lev 3.3017%** -0.0308
(4.71) (-1.29)
BM 3.8425%** -0.0315%*
(6.25) (-2.00)
FH 1.8877%** 0.0173%**
(17.23) (2.84)
Year Control Yes Yes
Industry Control Yes Yes
Observations 21,901 21,901
Adj. R? 0.275 0.149

Note: The t-values in parentheses are based on standard errors adjusted for firm-level clustering. ***, **,
and * indicate significance at the 0.01, 0.05, and 0.10 levels, respectively, based on two-tailed tests.

4.3 Joint Influence of Public and Private Information on Analysts’ Forecasts

This study mainly focuses on how public and private information jointly influence

analysts’ forecasts when analysts gain two types of information at the same time. First,

public and private information are incorporated into one model to test the difference in the

coefficient between them (i.e. to test H1). Second, the full sample is classified into two
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subsamples according to firms’ information disclosure ratings to examine whether the effect
of private information varies with a different public information environment (i.e. to test
H2). The regression results of model (15) are listed in Table 7. Columns (1) and (2) of Table
7 report analysts’ forecast errors and forecast frequency, respectively. The results show that
the coefficients of both DC rating and Distance are significantly negative in the forecast
error model (Column (1)) and the magnitude of the former is larger than that of the latter.
The F value is 8.88 in the bottom row, which means that the difference in effect between
DC rating and Distance is significant.” In other words, the effect of public information on
forecast error is significantly greater than the effect of private information, which supports
HI.

Table 7 Joint Impact of Public and Private Information on Analysts’ Forecasts

. 0 )
Variable Ferror Anlrptnum
DC rating -1.0136%** 0.0088
(-3.07) (0.58)
Distance -0.0321** 0.0054%**
(-2.16) (3.05)
Ananum -0.4242%** 0.0679***
(-3.90) (12.82)
Size 0.1128 0.0338***
(1.32) (7.31)
Gexp 0.0345 0.0366***
(0.63) (5.79)
Fexp 0.1700* 0.1523%**
(1.73) (13.51)
Brksize -0.0826** 0.0968***
(-1.98) (17.85)
Intan -0.6371 0.0891
(-0.54) (1.04)
Lev 3.2095%** -0.0300
(4.62) (-1.25)
BM 3.9340%** -0.0323**
(6.37) (-2.04)
FH 1.8825%** 0.0173***
(17.35) (2.85)
Year Control Yes Yes
Industry Control Yes Yes
Observations 21,901 21,901
Adj. R 0.278 0.149
DC rating vs. Distance (F value) 8.88*** 0.05

Note: The t-values in parentheses are based on standard errors adjusted for firm-level clustering. ***, **,
and * indicate significance at the 0.01, 0.05, and 0.10 levels, respectively, based on two-tailed tests.

> According to models (11) and (12), we can infer that the influence coefficient of DC rating is 1.
Although this study focuses on the difference in influence between DC rating and Distance, it tests
whether the coefficient of DC rating (-1.0136) equals 1 to enhance the reliability of the inference of the
theoretical model. The corresponding F value is 0.00 and the corresponding P value is 0.97, which cannot
refute the original hypotheses. This result supports the inference of the theoretical model herein.
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Another method to test H2 is to divide the full sample into two groups according to
information disclosure ratings and then test the difference in the effect of private
information between the two groups. The higher rating group includes firms rated A or B
and the lower rating group includes firms rated C or D.° The regression results of model (14)
are listed in Table 8. Panel A and Panel B of Table 8 report univariate test results and
multivariate regression results, respectively. Panel A shows that in the worst public
information situation, the average value of Ferror is 2.354% for the shorter distance group
and 2.345% for the greater distance group and the difference between them is not significant.
The effect of geographical distance on analysts’ forecasts is not significant when the
information disclosure rating is lower. Meanwhile, analysts’ forecast frequency (An/rptnum)
is 1.6887 for the shorter distance group and 1.8214 for the greater distance group, and the
difference is significant. This means that in a lower information disclosure environment,
analysts in locations closer to the firms they follow issue forecast reports less frequently
than those in locations farther away from the firms they follow, which is inconsistent with
our prediction.

In an external environment with a higher disclosure rating, the mean of the forecast
error (Ferror) is 1.82% and the mean of analysts’ forecast frequency (Anlrptnum) is 1.9147
for the shorter distance group, but for the greater distance group, the corresponding figures
are 1.96% and 1.8511, respectively. The differences between the two groups in respect of
both variables are significant. This means that analysts issue forecast reports more
frequently and make fewer forecast errors when the information disclosure environment is
better.

Panel B of Table 8 shows the multivariate regression results based on different
information disclosure ratings after controlling for other variables. Columns (2) and (3) are
based on the forecast error model, and Columns (4) and (5) are based on the forecast
frequency model. For the lower disclosure rating group, the coefficient of Distance on
forecast error is -0.0236 (Column 2) but not significant. However, for the higher disclosure
rating, the coefficient of Distance is -0.0315 with t value -2.01 (Column 3), which is
significant at the 1% level. Meanwhile, the F test shows that the difference in the coefficient
of Distance between the two groups is significant at the 10% level. The coefficient of
Distance on analysts’ forecast frequency is 0.0011 (t value is 0.35) when the information
environment is bad and 0.0060 (t value is 3.14) when the information environment is good.
The F test shows that the difference between the two groups is not significant. Both the
univariate and multivariate test results support H2. This means that the effect of private

information on forecast error occurs only in a better public information environment.

® The full sample is not divided into two groups, one rated D and another rated higher than D (i.e. rated A,
B or C), because there are very few observations rated D (only 58, accounting for 0.26% of the total).
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Table 8 Impact of Geographical Distance on Analysts’ Forecasts under Different

Information Disclosure Ratings

Panel A: Univariate Test

. . . Ferror Anlrptnum
Classification Distance Obs. - -
Mean Median Mean Median
Lower disclosupe Shoreer 1587 23536  0.7676 16887  1.0000
t.w Y Greater 1629 23473 0.8078 18214 1.0000
ratin
& Shorter-Greater 00063  -0.0402%  -0.1326%** -0.0000**
Hieher disel Shorter 0822 18248  0.6978 19147 1.0000
1 T d1 T
ERer QISCIOSUI®  Greater 8.863 19554  0.7322 18511 1.0000

rating

Shorter-Greater -0.1306%* -0.0344** 0.0636*** 0.000*

Panel B: Multivariate Test

Ferror Anlrptnum
Variable Lower Higher Lower Higher
disclosure rating disclosure rating disclosure rating disclosure rating
Distance -0.0236 -0.0315%* 0.0011 0.0060***
(-0.60) (-2.01) (0.35) (3.14)
Ananum -0.1704 -0.4764%** 0.0546%** 0.0716%***
(-0.61) (-4.16) (4.86) (12.29)
Size -0.0424 0.1480%* 0.0434%** 0.0321***
(-0.18) (1.68) (4.59) (6.21)
Gexp 0.3042%* -0.0014 0.0229 0.0389%**
(2.03) (-0.02) (1.40) (5.60)
Fexp 0.4526 0.1164 0.1618*** 0.1513***
(1.52) (1.18) (5.59) (12.53)
Brksize -0.1011 -0.0830%** 0.0715%** 0.1011%**
(-0.59) (-2.19) (5.78) (16.90)
Intan 1.6130 -0.7619 0.2518 0.0410
(0.51) (-0.60) (1.55) (0.42)
Lev 5.2347%* 2.893 1 *** -0.0933*** -0.0219
(2.47) (4.18) (-2.70) (-0.80)
BM 5.1766%** 3.8365%** -0.0101 -0.0308*
(3.05) (5.86) (-0.30) (-1.82)
FH 2.0846%** 1.8325%** 0.0214* 0.0160**
(7.15) (16.24) (1.76) (2.32)
Year Control Yes Yes Yes Yes
Industry Control Yes Yes Yes Yes
Observations 3,216 18,685 3,216 18,685
Adj. R? 0.294 0.281 0.153 0.148

Note: The t-values in parentheses are based on standard errors adjusted for firm-level clustering. ***, **,
and * indicate significance at the 0.01, 0.05, and 0.10 levels, respectively, based on two-tailed tests.
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4.4. Robustness Tests
The following robustness tests are performed:

1. Public information is measured as the information disclosure rating provided by the
Shenzhen Stock Exchange for listed firms. Because the measurement is a comprehensive
indicator influenced by multiple factors (e.g. analyst following and analysts’ forecast), it is
vulnerable to endogeneity problems. To solve this issue, the two-stage least squares method
is used to further explore the results presented in Table 5. As regards the influencing factors
of the information disclosure rating, referring to Hope (2003a), this paper chooses firm-level
characteristics, such as firm size (Size), firm profitability (ROE), financial leverage (Lev),
the number of analysts following (Ananum), audit quality (4uditors), government control
(SOE), and institutional investor holdings (Inst_holding), to construct the first-stage model.

With the exceptions of Size, Lev, and Ananum, the firm-level characteristics in the
first-stage model are newly added exogenous variables. ROE is the return on net assets.
Auditor is a dummy variable which equals 1 if the auditor of the listed company is one of
the Big Four and 0 otherwise. SOE is a dummy variable which equals 1 if the ultimate
controller is the central or a local government and 0 otherwise. Inst holding is the
ownership of institutional holders. The regression results of the first-stage model are listed
in Panel B of Table 9; they show that Ananum, Size, Auditor, and Inst holding have a
positive and significant influence on the information disclosure rating, consistent with the
prediction. In the second stage, the predicted value of DC rating is incorporated and the
results are similar to those shown in Table 5. Panel A of Table 9 shows that DC rating has a
negative and significant influence on Ferror and a positive and significant influence on
Anlrptnum. These outcomes imply that this study’s results remain unchanged when

endogenous problems are considered.

2. The relationship between private information and analysts’ forecasting behaviour
(presented in Table 6) also has endogeneity problems. Analysts’ decisions to follow a certain
company are endogenous, thus leading to a natural relationship between forecasting results
and information acquisition (Malloy, 2005). Prior researchers (e.g. Malloy, 2005) have
summarised three possibilities that can cause endogenous problems: (1) Local analysts,
especially those whose registered addresses are located in remote areas, follow few
companies and focus more on specific firms, which can help their forecast capabilities; this
indicates that the influence of short geographical distance on analysts’ forecast error
emanates from the perspective of analysts’ efforts rather than information acquisition. (2)
Local analysts are more professional in certain industries. (3) Local analysts spend more
time and effort on analysing customers’ stocks; as a result, the improvement in their

forecasting accuracy is based on their customers’ demands.
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Table 9 Endogeneity and Two-Stage Regression Results of Public Information

. Panel A Panel B
Variable Ferror Anlrptnum DC rating
DC rating -11.5335%%* 0.4362%**
(-3.01) (2.90)
Ananum 0.5079 0.0296** 0.0700%**
(1.47) (2.13) (5.70)
Size 0.1496 0.0325%** 0.0254*
(0.70) (3.97) (1.78)
Gexp -0.0904 0.0405%**
(-1.16) (5.96)
Fexp 0.5622%** 0.1375%**
(2.72) (10.67)
Brksize -0.0604 0.0968***
(-1.18) (17.25)
Intan -2.3244 0.1649
(-0.85) (1.34)
Lev 2.3415%* 0.0044 -0.0099
(2.30) (0.11) (-0.14)
BM 4.8226%** -0.0699***
(6.65) (-2.75)
FH 1.8147*** 0.0203***
(15.88) (3.12)
Year Control Yes Yes
Industry Control Yes Yes
Constant -4.3601 -0.9779*** 0.4450
(-0.98) (-5.38) (1.47)
ROE 0.0335
(0.30)
Auditor 0.0734**
(2.23)
SOFE 0.0143
(0.71)
Inst_holding 0.0989***
(2.84)
Observations 21,685 21,685 21,685
Adj. R? 0.282 0.146 0.093

Note: The t-values in parentheses are based on standard errors adjusted for firm-level clustering. ***, **,
and * indicate significance at the 0.01, 0.05, and 0.10 levels, respectively, based on two-tailed tests.

The two-stage least squares method is still used to mitigate endogenous problems. This
study follows Malloy’s (2005) research, which chooses such variables in the first-stage
model as firm size (Size), brokerage size (Brksize), the number of industries covered by

financial analysts (Indnum), auditor quality (Auditor), institutional investor holdings
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(Inst_holding), and information disclosure rating (DC _rating). The larger the brokerage size,
the more likely it is to be located in a big city; otherwise, the brokerage is more likely to be
located in a small city. This partly reflects point (1) in Malloy (2005). Meanwhile, in
combination with firm size (Size), the geographical distance between the financial analysts’
headquarters and the listed firm is known. In accordance with point (2) of Malloy (2005),
this study chooses the number of industries covered by analysts (Indnum) as the proxy for
the efforts analysts put in to gain private information because the greater the number of
industries analysts follow, the more likely they are to diversify their efforts to gain private
information, and this can also complement analysts’ knowledge about certain industries,
thereby improving the acquisition of private information. Institutional investor holdings
(Inst_holding) are chosen according to point (3) of Malloy (2005). The higher the
institutional investor holding, the better the public information environment, leading to
analysts being able to obtain a higher quantity or quality of private information. In addition,
two variables of public information that may influence private information are chosen,
namely the information disclosure rating (DC rating) and audit quality (Auditor). The
definitions of these variables are the same as noted above. The results of the first-stage
model based on the factors of private information (Distance) are presented in Panel B of
Table 10. Table 10 shows that Indnum, Auditor, and DC rating have a positive influence on
private information, except that the influence of DC rating is insignificant. Panel A lists the
second-stage results where endogenous problems are considered. The results show that the
closer the listed firm is located to analysts, the fewer the forecast errors and the more

frequently analysts issue forecasts reports, which is consistent with Table 6.

3. This paper uses information disclosure ratings to measure public information and the
geographical distance between financial analysts’ headquarters and the listed firm to
measure private information. However, most financial analysts are located in big cities, such
as Beijing, Shanghai, and Shenzhen, where the public information environments are better
for listed companies. Therefore, firms located in these big cities are at a shorter geographical
distance from financial analysts and have better public information environments. This
means that geographical distance is a proxy not only for private information but also for
public information to a certain extent. This effect is especially important in Table 8. To
mitigate this issue, two methods are adopted. Firstly, public information from geographical
distance is excluded (i.e. regressing geographical distance on the information disclosure
rating and then obtaining the residual of geographical distance). Incorporating the residual
of geographical distance in the model generates the new results displayed in Table 11. Table
11 shows results similar to those in Table 8. Secondly, those firms with headquarters located
in Beijing, Shanghai, and Shenzhen are excluded to mitigate the public information effect on

geographical distance. As a result of these exclusions, 17,459 observations remain from the
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full sample. The new results (untabulated) are similar to those shown in Table 8, especially

the results of the analyst forecasting error model.

Table 10 Endogeneity and Two-Stage Regression Results of Private Information

. Panel A Panel B
Variable
Ferror Anlrptnum Distance
Distance -1.2287** 0.0618**
(-2.13) (2.08)
Ananum -0.5983*** 0.0728***
(-4.55) (11.16)
Size 0.1330 0.0328*** -0.0400
(1.27) (5.95) (-0.92)
Gexp 0.0816 0.0333%**
(1.03) 4.71)
Fexp 0.3931** 0.1404***
(2.25) (10.64)
Brksize -0.0775 0.0974%*** 0.0426
(-1.31) (17.39) (1.30)
Intan 0.2720 0.0579
(0.18) (0.54)
Lev 2.6193%** 0.0031
(3.27) (0.10)
BM 3.9243%** -0.0374**
(6.45) (-2.16)
FH 1.8618*** 0.0187***
(16.02) (2.85)
Year Control Yes Yes
Industry Control Yes Yes
Constant -22.0361%** -0.2045 -6.0685%**
(-4.48) (-0.80) (-6.61)
Indnum 0.0566*
(1.68)
Auditor 0.5786***
(3.46)
DC rating 0.1357
(0.74)
Inst_holding -0.0887
(-0.59)
Observations 21,685 21,685 21,685
Adj. R? 0.278 0.146 0.009

Note: The t-values in parentheses are based on standard errors adjusted for firm-level clustering. ***, **,
and * indicate significance at the 0.01, 0.05, and 0.10 levels, respectively, based on two-tailed tests.
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Table 11 Robustness Tests
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Anlrptnum
Variable Lower Higher Lower Higher
disclosure rating disclosure rating disclosure rating disclosure rating
Distance 0.0204 -0.0549** 0.0026 0.0125%**
(0.40) (-2.05) (0.50) (3.57)
Ananum 0.0279 0.1264 0.0855%** 0.0904%**
(0.17) (0.75) (6.15) (9.85)
Size -0.2156 -0.2919%** 0.0202%** 0.0180%**
(-1.10) (-3.18) (3.55) (3.73)
Gexp 0.1565 -0.1588 0.0482%** 0.0447%**
(0.52) (-0.81) (3.17) (3.78)
Fexp 0.2608 -0.0005 0.1639*** 0.1454%**
(0.58) (-0.01) (5.006) (5.36)
Brksize 0.0399 0.0733 0.0667*** 0.0975%**
(0.28) (0.94) (5.89) (11.34)
Intan 3.2557* 0.4868 0.1966 -0.0139
(1.79) (0.56) (1.51) (-0.12)
Lev 6.4868** 2.6164* -0.0402 0.0497
(2.09) (1.95) (-1.43) (1.60)
BM 7.1339%** 4.5863*** 0.0409%** 0.0320
(5.20) (4.18) (6.36) (1.15)
FH 2.2207*** 1.8580%** 0.0292%* 0.0305
(3.37) (3.15) (2.20) (1.43)
Year Control Yes Yes Yes Yes
Industry Control Yes Yes Yes Yes
Observations 3,216 18,685 3,216 18,685
Adj. R? 0.328 0.263 0.148 0.146

Note: The t-values in parentheses are based on standard errors adjusted for firm-level clustering. ***, **,
and * indicate significance at the 0.01, 0.05, and 0.10 levels, respectively, based on two-tailed tests.

V. Conclusions and Limitations

5.1 Conclusions

Public and private information are the two main factors that influence analysts’

forecasting behaviour. Previous literature has explored the separate effects of public
information (Baldwin, 1984; Hodder et al., 2008; Langberg and Sivaramakrishnan, 2008;
Libby et al, 2006) and private information (Chen and Jiang, 2006; Green et al., 2014;
Mayew et al., 2013) on analysts’ forecasting behaviour. Unlike these previous studies, this
paper uses geographical distance and information disclosure ratings as proxies for public

and private information, respectively, and focuses on examining their joint effects on
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analysts’ forecasting behaviour. Empirical results show that the separate effect of public and
private information is consistent with the prediction herein and prior findings. Specifically,
the higher the information disclosure rating and the shorter the geographical distance, the
fewer the number of forecast errors and the more frequently financial analysts issue forecast
reports. In its investigation on the joint effects of public and private information, this paper
finds that public information has a slightly stronger influence on analysts’ forecasts than
private information. When categorising the full data sample into two groups according to
information disclosure ratings, geographical distance imposes an impact on analysts’
forecasts only in the higher disclosure rating group. These results indicate that compared
with private information, public information has a greater influence on analysts’ forecasts.
Meanwhile, the effect of private information depends on a better public information
environment.

Different from previous research which concentrates on the separate effects of public
and private information on analysts’ forecasting behaviour, this paper mainly focuses on
their joint effects. Hence, this paper complements previous research. Moreover, this paper
has a practical contribution. Securities analysts play an important intermediary role in
capital markets and can mitigate information asymmetry between listed companies and
outside investors. With the gradual improvement in China’s securities market and public
information environment, whether and how financial analysts are influenced by public and
private information is becoming an increasingly important issue for all market participants.
The findings presented in this paper provide evidence on these issues and will also help
investors to better understand securities analysts’ behaviour and so assist more reasonable

and informed decision making.
5.2 Limitations

The major limitation of this research is the measurement of private information. It is
difficult to find in the current literature a single reasonable and efficient indicator as a proxy
for the efforts and costs that analysts spend in order to gain private information. This paper
takes the geographical distance of headquarters location between the brokerage house and
the listed firm as a proxy for the private information analysts obtain. Although there are
some previous theoretical research studies to support this approach (Agarwal and Hauswald,
2010; Garcia and Norli, 2012; Hauswald and Marquez, 2006; Kim et al., 2012; Malloy,
2005; Petersen and Rajan, 2002), some errors are inevitable. Firstly, geographical distance
may reflect certain public information. Secondly, the convenience and diversity of
transportation decrease the effects of geographical distance. As a result, geographical
distance cannot fully reflect private information. Although the first limitation is discussed
and tested in the robustness tests, the negative influence of the second limitation cannot be

fully removed. This is a topic warranting future research.
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2N, EFEAASERE. FIRTER A — SR A A SR 56 A H X — R ) B
A BT, AE ST E B A WX 73 b i T = A B A 52 el 1Y

=. WREREE
(—) BRI SHRRIE

KT A AT B & (Hope, 2003b; Langberg and Sivaramakrishnan, 2008; Libby et al.,
2006; FBET:, 2009). FF515E (Chen and Jiang, 2006; Mayew et al., 2013) X434 i
TR 20 O A —Le SRR T H 42, (IR LR AR LAl b, A SCE SR i E R
I T 3845 BAAA (S S, Il g AT PP 3R . 15 %5 Barron er al. (1998) HIFEI
ST RE, AT TS A FAE BRI A 15 B2 A M FSEIAT 9 BB M o

B — AT N A HTTERER, &S0 B i E AT T 0 28 R sk B e SCh
v, y FFEYMEN vy J7E Uh (bl h FoREmi R RS A @EER T, 7
B T I P R4 S, — 45 S (common information) F1FA 4G 15 & (private information) .
s — A5 BT DA A R el I HISE Y y FIHERGE (precision) 9 ho
AR BRI I AT A E 2] B AR HTITEEME RIRE S, FTRLE SO
zi=y+e&, WX & FFEVMERN O TTEN 1/s; WMSLFEM Gid), RV
BrImia KR AR B EAR, B s;s /D HTIZ AR K. 72 Hriik T a
1) — A5 BANFAE 15 B e i, BRI 2% A T (conditional expectation) /& —
FECAE SRR (5 SR I M8, AU — S B AR5 BRI RE, & A
I AL TE A &,~(0,1/s)):

h_')_/ + SiZ;

i = Elylz] =
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A (D) R, 3BT s O U A i 25 52 bR R 1P 25018 5 5 TR A 15 B i
) 28 A IO MB350 A2 (1D S5t E3RoR 120 Fr i R Tl i s sd A . ok,
WEREARAEEE, 7R Y6 25 SERR &R P I E R T S i & R LK
FEMCEER b, A ARG S BAPRRIE, —=2&XAFHE S (public information) )
PRARFIFI, BFAS S HTITRT A IAE BRI AR R 22 5, XWIR AT A E L,
TomdEd R TR RS R . XERAEE B2 HA TR S, poE
XNH zi=y+e. z;=y+¢& KW, FAEEBITNEE— (G SR (R
y) B BT B IE (Rlep . LR —KELRLLEREEL, AL —EN
WeBhE, PRI & E RS BEAE B SR B 73 H I A e O FOME. gy o
T AKX (D, wF LA 74 T )~ 35 BUE

1w X hy+
_ 1 o Y T SiZ;
u_NZul—Z . @)

S MU R T 3 B B RE SR T I FIMEL 1K) 22 s AR

= ) G ) )
i=1

XFEBAME RIS, A REAS 1 20 Hr I T 3 Bk U 5 SO 5 22 =) 73 A D Fl
TP SR AR AN, AW

N N
D = E[d] =ﬁ5[2(ui—u)2 =) VarGu i) @)
i=1 i=1

NI (4 B, BT TP 2T I TN 2 B AN e MR IR (u) 5
WPME () ZRIJT 22 M WU, 25 7 A TR AR — s B AR (5 B
I RITRIME, 5 BT 2 BT T i P BB T S 2 5, AEAE— 8 st (s
7)), BT wEhtE ZER, JFERLUZ 500 Prihes, TS iz s S35
B, HEFEMRE, BT u M op MEESHEBELEy, Hy08ERN y, Bl D
2 A2 B S A TR A A5 B (BIRUE R rIsem. ik, AEBAME
EIMEE, D ATULEE M TR A A 5 B 1T 2

BN RGBT R 22 o 70 W i (R T 3R 22 W) 5 SO B AR SERRME () 2
SR BME (), 4R

e=y—u (5)
X REANREASR YL, 73 B RN R 22 58 SO T30 R 22~ J7 R T8, 40T

SE = E(e?) = E[(y — w?] (6)
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ASCHE BT SE

PA BT R 2 2 A T T G A 545 BN AAE {5 SN, B Fry e I8 00 e S 5 R A 45
B, T HEE RS BRI 52w o A M P 5 2R . E e Bl AP — AR 23 A
TS B EERFAEAS & T (AN e PEFE . (uncertainty ) FT—E0 2 (consensus),
X P AR AIE AR B2 5 M) 43 A DT Tl e B8 PS8 R 0N 338 22 o W AN o M 8 SR SEBR A8 4R
TR TT 2, T8 im s, AxXNaF:

Vi = El(y—m)? = (N

h+ S
A WA, X T ERA IR S, BT — s B AR (E B 4 & R T
SR EARZEERNTTZE, EFT - REERESLHEREEREZIANN S XT
FTA BT =, A5 BRI AT EE OB B AT E MR-V 2ME, 0F-

N N
DX :
N ' NLh+s; ®)
=1 i=1

AT (8) B, 43T TR I (4 BTG AN 5 1A 2 W T TR 5 S P R A 2 S
2%, IEFTE AT 18R PI4E, e A I T I 0 — (S S HE R B RN FA S {5 Bt
A

& EIREE M — B R e S S T IR TNME 5 e b 22 S o7 2, AR
Wrp:

4

N N N
1 1 1
CENZ ci=ﬁzl =72 Covly —my — ) ©
i= i= J#i
RS BT RO B S bR &Pk 25, AR (9) R, b
I R0
4R LA, DLW SE PSR, T

N N
1 1
V=g V=g D G —m) = C D (10)
=1 =1
SE—C-I-D 11
=C+3 (1

B, VR ETA b I AR T T S A AN E N, BT AN T R
E5SEPRMEZE T 2 F2ME; D Fa A M M FNAE 5 TP P4 22 57 (0 05 221 4
B C FB&EANHIMHIIE 552 br g 257 077 Z 80 F8ME, BikAR (100 £
20t E e, AT EI A ST 2 (BUEAATEYE) PR MR TR 5
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MPIEZE R TT 22, A5 e P B 22 R o 75 22

fEn (D) o, SENTINRZE, fe8ARSKEMES T 70 M )i (e 22 5 10 7
%, EETENONIMHNES SEhEZER T2 (B O M—FR A M i
D 5 - 22 R T7 22 (RED/ND o ARGERTTE 92087, D 32 32 5| A7 i AL
AAE R (AN fIs2m, S A7 M m Fe A 5 B A T 24 45 CRP
—EWIND MEREE, HEADIITEREAAEE SR, HINE S5 - SiiE
RS, RRNAAEEME . ZREOK NS L ERE, ¢ RIIRZ 2Pl
TR S PR K 22 SR AE B A 0 A I 2 8 K — SRR RE - B B i (0 Tl 2 — B 52
PRE BRSSP e g SE M RIREE, XM T —ffE B it E (common
uncertainty) RN, B HE) 5 U0 T 20 M U RE S IR 32 2R FEE B B R
KUY, TP R TN R 2 52 B A SE B E A — B R A S (AR R
FRIANES 52 PRI o

BT PR BR IR, AT HAR I A SHIE R o v N 305 B R E SN Publnf,
MAEE LR (BRFEIEE) ESCH Prlinf, IBARIEAR (1D, WL EE
UEitH

SE = a+ f x PubInf +y * Prvinf + ¢ (12)

T Pubinf 4. C, ProInfXtRi D, TR UMERHE = 181 y = 1/N. HT N>1, °
BRI LA FRTMB >y, + EPAILE B S R KT 5 5 E B 052, PRtk $
HH A ST T AR«

Hl: AHEFEEXSHIBANIRENZ WA TG ESRIZI;

WA IS B A Im P R Z R ER R TRAEE, Ba—A 8RR &2
A5 BAER PRI B HO T E A A BB ARIE T BB SR, A
GRBENHN z; =y + g, RAGEEEMEWRE, SN EREAORLRAEEE
RIAE & XFFA AT sk — M 2. AREE (B—REE) Z0Hrhs
BOPARRMER, Bk, Tik@x A al R BRI, Xt A wRReET, 8T
TR SR A T — S BT R . B, I DAL, XAEE B T I3R 1 T
HRAA 15 B« McNichols and Trueman (1994). Lundholm (1988) i\ A3tz B
e SERAREREMN, FR—8MaMins 55 HALE BRI E B KK
o Bk, @i NKE o, IR AR E GO, R AIE BAELLF, 4
P FRARGEEE L, WHEAEE, A2 nPrIfimkeeTi 4 B mAKS 1, X

PON=1 ESEB R AT AR, BN F AR AR A 1 TR . R A L AR
BE, A ICEETE RTINS RE, BSOS (3) AR (4) BUICERESL, B DAERIS AR AL A R
A2 N>1,

CORSCHIRE T E R S A SEAE B R 15 S o BT i T A S M A TR, DR e e R A Bk
Hiom, RGBSR FORFBIHERT B A y (ARSI KN, R SR T I SGEAS I R, AR R
KWIFIHT B EBRT v, HRN =1 F y=1/N TR ST
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IS IR MORS TN BISRBOCRAA 15 B R0 fE . s il A 15 B BEM R, HAdR
r MM RPN R B . T8, W DA BTN, A5 B 20 I F0 £) S v £ 56 4
M AT IR AR RIEE R, I 32 A SR 28 AT SR -

H2: FABERXSRIFFNIRZERZMEEFHARERIMEPEREMRE.

(D) RIS E)FRE

TE BRI R R AR B AR YOE M Rl R R 2 B, AR ) BB —, &K
FF0 RSN HAE BN A 15 B 2 A Pl R 22 (52 i 22 5, 76 SR B2 i) SRR 56
L BRI TN R ZE R, AR IS 1O AT IR TR ) R, AT R i B 2
FEAE R IR TR Ut 2~ HAE S 5 RAA 15 JE 0T 23 B I 000 2 40 1) 52 1 322 4 5 9000 2%
ZMEH—8. B, R R H M H2 287, BB AREESRERE
SN 3 AT I PN % 2 R TR KR SR, a0 SRRSO H A SE B (S B
B ARTE bR AN IR 22 A0 T K™ AR e, VAR B S AR L — B 45 ie, it
TERT S AT R TR o

RTAAEBREE, BT msRBAAA (5 8 1055 R A AR A S 52 3],
AT G BT BT AE 57 T LAL) 5 2 w3 AT e ) e s B e o I AT o il 1) — SE R 7
THRRIEH AL BB EE B 52 F S 5EAT NI R R, Wt 1R 8 xR AT B3 5 i
(Agarwal and Hauswald, 2010; Garcia and Norli, 2012; Hauswald and Marquez, 2006;
Petersen and Rajan, 2002), HuBH K2 5 S K FR (Garcia and Norli, 2012; Kim et
al.,2012), AT E XA FAT IR SAS BRI (John et al., 2011), HUEHEEE
X BB EE S SRR (Teo, 2009), HuyFRAL B X & THMSZ K0 (DeFond er al,
2008) . X LEA T I T AL [F] ()2 4, ML B BRI R R R | A 5F S 5 A S BN
(information advantage), fifi 17 LA/ AR SRENAAG 15 B, A58 2 A . A
HOERAL B M, —Sef e th o s MR AL B S5 TR PSS R, W Bae er al
(2008) « EELHESE (2010) FHELENIMHITxTAM AT (local firm) T HER
FEMIZ S, S5, BE B AT IR AR b 43 b TR A 3t 2 =) £ FoT A 32 22 8 1 [l Ak 2
Hriilie FET X ORI FEMIEHE, R B REAS AE — & R L S o TR BOCRA AT 45 B
Zt, HIAHZE B BERRAEE. XTALEENERE, ACHH 1M
GiEtr — B BB VEN TR B ARk o RN A G B EE R U R A wl S
PEE PR LR ETEhR, ReUSfE— E R LR AT T b i A 35 BRI ZE 7. 7
T (2007). FABEF (2009) K50AE 20E U SIER T BN L R, BRDME
SoF R, A AT R P v . BE T BIR AT, AR SCH AR AT I T CE SR R AL
5 EiARVEMMZ [BIEEE (Distance) HiEMAERLE, M EHARE EHEHE
DC _rating rEAIAZE, WU T BRI R TR DT
AnlBeh;;, = a+ B,DC_rating;; + y,Ananum;; + y,Gexp;. + ysFexp; ;. + vaBrksize;,

+ysFH; ;¢ + veIntan;, + y;Lev;, + ygBM;, + yoSize;, + Year/Ind
+ gi,j,t (13)
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AnlBeh;;, = a + pB,Distance; ;. + y,Ananum;; + y,Gexp;, + ysFexp; ;. + yaBrksize;;
+ysFH; ;¢ + veIntan;, + y;Lev;, + ygBM;, + yoSize;, + Year/Ind
+ & (14)

AnlBeh;;, = a + B,DC_rating;, + p,Distance; j, + y;Ananum;, + y,Gexp;,
+ vsFexp;j + vaBrksize;, + ysFH; j + yeIntan;; + y;Lev;; + ygBM;,
+ YoSize;; + Year/Ind + ¢, j (15)

AL (13) A1 (14) X AIAEESHAGE BRI T, S8 (15
DU AAT 1% 53 BT I T AT A B G R AT A e o AR AR (1) 4 e R A8 Dy 70 T it
AT R CAnlBeh) , 43 5l 72 5317 I 5 35 00 4% 5 B 2 CAndrptnum) RGN R 22 (Ferror) o
Anlrptnum 52& CAZ5 T WA 9 B, TR ERER I A &) 4 7E ¢ 4F B P9 R AT T4 45 B I EL
FFHL Log 18 ; Ferror TR 222, ‘& 56 T3 )il EPS TINME 5 52 bRl 2 22 B 4 XA,
HERLART —SER A m Sl BT 2R j XA F] i £E ¢ FREA] BEREAT Z2 UCh, [
WHL T PIME . DA EPIAN RS R A AR AN A AT I — A IE . RS
=, Distance RIS M j 5AF] i 76 ¢ FFBER (P SLPRHbEREE BY, FRHCE A%, H
TEAAREE. ZEB/N, RNHMIEEREL, 2hMMEmAEEERE.
DC rating R WS B FE AT, ZEER A TIRYINESR A 5 Arfs B Ez 184, AT &
NHAEE . EIHESTH, R EE 1. 20 3. 4 R D ORI, € (&), B
(RIF). 4 (W75 ARG BT . ZEUEE/N, RP AR AILE B
Bk, B, A (13) H TR A G BXT o M miiAT s, BA (14)
KIS AL A S BT MM AT R (s, AR (15) K30 A SO EAF B it HT, Tl
W By > Byo MTHHFUMRYL H2, FETHA (14), HREE BERECR/ N Nk
PR, REISAEAS R A G BB G5 X AT M P AT i 80 & TR AFE 22 7 o

R (13) 2EA (15 fFH TSGR . Ananum TROE ¢ FEERERA A i
B, JEIE RN Gexp 180 MMM, B 5 T A AG 55—
WEPEEES ¢ FREZ RN RIS, BT EAFEI e ReIA 20, B
CLUAREAN LRSI (1) 20 B D A 2856 1)~ B R A 5 55 i ML I MOl 2 50K R, FFHL
HEARXNHE Fexp 18 t TFEFFHNIA j BREF AT i R E R, VW j X AF] i kA
B EIEFEELS R MR RSk, 5 Gexp FIE—3, WL T 2
AMNMEZF D HTIMEEIE, FRIIL R E Brisize a7 RN RURE, AR 4E L AHE 1
i ETHE, R RN FH R 2 A M H B R T 1 H s A R R
Wede HIWRE, HEERNEG Intans Lev. BM. Size N/AFIRHIEAL &, Intan NTCTE
ZEE AR PRI, Lev T AR LAR T, BM 2S5 IKHE S T iMEZ
b, Size $a~w] i £ ¢ R BB ER e A I H AR Year/Ind NAFFEERATY. dummy 2%

=

Ho



RIER AHE LSS Ih 41

i X
Ferror Gy O B B 2 Sbr EPS 2 % VAT, DL 100 JFFR LI
il

Anlrptnum BFN 5 A ATURG B A X A 2 W) R A T A vk 4

Distance Al A b 55 5 TR A R R PR, SR S B AL, AR, R R
BT, A MRAAE RS

DC rating BIRPEEREL AR

Ananum FEAS A AR ERER B 0 B, B E SR04

Gexp TN — KR, RS ST R A 28— O TR0 25 10 2 P 2R A 02 [
PIAERL, TR T3 R LA KT M8 5 BB SR % 4

Fexp XN ER R € A T AR5, A48 70 T IS 3 — 24 m] BRI 48 P AL AR AR
JAR R, TR T 27 AU R348 J5 B E 2R 0T 2

Brksize MR EEEAMA B 7 I N SR 2R LA RS, X SR 2

FH I HT AL AR AR T H B AR A AT HERE, FRECE SR 2

Intan TG = di ST P2 i 2

Lev S AR5 B DA 1 7

BM 5T I TR S5 A A T R 2 B

Size 23 R A i T AR AR 0

M. SEiES R
(—) HERIEFFFEIR S IT

AHEFTLL 2002-2011 4F (1) BT A 43 B I P00 B4 9 e wike A, W 2R B A ]
1,583 o ° UMM 23500 Aok JLAR A2 7] B A AT 0, T2 A M I x4 AN A ) 458
ANEEERITRINA 11,245 DS WEEE o 1053 B 2068 B R ER 2 W) 4347 B W s 1EAT 22 I Tl
DR A A 23 B DT A A A B — AR BE R TI0 A 62,330 MRS ME . [FIRTERER — K B
FIREA Z AN MM, BT 3 b Dol s AN 2 w4 A4 B2 B — Pl 9 130,170 S0
SH . EULIERN b, 34T T a0 R L (D MIBR B A w]; (2) i % Cuijpers and Buijink
(2005) PRI 7, K o AT Uont b T 2 w0 12647 Fouiu e s 1) R 1) 7 448 2 A H A48 9 (180
RO, XA Je 4,632 AN R ML, Fe— 43 B 256 [7] — b 24 =) AT 22 (il
133 35,094 A B 443 BT OUINE, T [F— BT AR T RE R 51 2 AN A I ER
33 62,194 NHIIE; (3) MIFRERAREDY; (4) MIBRAH R RIERIAE, LS E
21,901 MLEAE . A A 55 B FTa b5 KR T CSMAR HlE . fEALEEAE B, XTErE
BT F N 1% M EE 31T T winsorize AbF . FEATRIE O VRN A2 W] LLER 2.

> T R A FUE B IRBU A IRYINEY A8 5 B R PR, T DARE A A R LR ZE VRSB T A R
VR P9 o
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R2 FEARGHIE

FEA T 1 1 AR MEAE  AF-F-aHE AF-FE AF
IEFE 2002-2011 HE43 A7 TR T B 130,170 62,330 11,245 1,583
fE: B KL 129,590 61,772 10,688 1,524
H4 4 A I Pl BRE ) AE 4R A A H AT 180 RN 62,194 35,094 4,632 1,375
A2 B ) A3 M AR AR 35,094 35,094 4,632 1,375
AT e < R PR szl 34,369 34,369 4,575 1,365
I B3 A G BB 2R PR A AR 21,901 21,901 3318 695

*3 PRIEERWEKTEMMIEERS

2002 2003 2004 2005 2006 2007 2008 2009 2010 2011 &t
Pancl A: ERTBIRESH
D (ANEH) 3 5 1 2 5 5 1 1 6 6 35
3.03 4 0.88 092 1.69 134 021 0.19 1.13 1.07
C (&k) 28 26 15 36 70 9% 90 98 106 121 686
2828 20.8 1327 16.59 23.73 25.81 18.48 19.07 19.89 21.49
B (R 54 71 78 138 171 218 326 341 347 362 2,106
54.55 56.8 69.03 63.59 57.97 58.6 66.94 6634 65.1 64.3
A (K5 14 23 19 41 49 53 70 74 74 74 491
14.14 184 16.81 18.89 16.61 14.25 1437 144 13.88 13.14
&t 99 125 113 217 295 372 487 514 533 563 3,318
Panel B: tHASSEEIAEMtZ BHIBREEMN S
<=500 29 47 36 168 158 273 521 374 394 276 2276
25.44%20.43% 15.32% 20.44% 18.08% 19.50% 18.48% 18.94% 18.27% 15.38% 18.33%
>500and 16 36 28 119 158 262 480 343 393 294 2,129
<=1000  14.04% 15.65% 11.91% 14.48% 18.08% 18.71% 17.03% 17.37% 18.23% 16.39% 17.14%
>1000 and 44 99 117 347 379 579 1,175 853 931 824 5348
<=2000  38.60% 43.04% 49.79% 42.21% 43.36% 41.36% 41.68% 43.19% 43.18% 45.93% 43.06%
>2000 and 24 34 47 149 155 231 495 318 317 293 2,063
<=3000  21.05%14.78%20%  18.13% 17.73% 16.50% 17.56% 16.10% 14.70% 16.33% 16.61%
>3000 1 14 7 39 24 55 148 87 121 107 603
0.88% 6.09% 2.98% 4.74% 2.75% 3.93% 5.25% 4.41% 5.61% 5.96% 4.86%
& 114 230 235 822 874 1,400 2819 1,975 2,156 1,794 12,419

2 3 1) Panel A Fl7R TR E LA G BB AT AL 2002 4, #HATE
BRI 99 K BT A s, $EE A AR R = o 3 EeAg 4300 3.03%+28.28% 54.55%
14.14%,2011 FEJHTE BRI AT H 563 K, 1X— L1451 1.07%-21.49%+64.3%-
13.14%. wJLUEH, WERKHS Bl ARG REEKFAT “Ri” W, il
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2002-2011 4FALT “ ek ” VP LLEIBE R TR, AT “ R rbufiig &
EF, SEIRE B A RME BEE KRS T K 3 1 Panel B Fll 7 HRE ETAF]
TN I R VLA B ER B 0 AT Ol . IR PRI DA S 7E 2002-2011 4E[H], P&
(FIBE B AP TE 1000-2000 A B Z (8], (5 43.06%. AR 5553 275 500
ANBELIRM 5 18.33%, 500-1000 2 B (5 17.14%, 2000 A B UL R & 21.47%. X
AR LA S A R BB S EARAE— o, XA BT X 43 B TR
MRAAEEES.

# 4 [1) Panel A Fl Panel B 735517 7 A OCAR & ()RR 1 48 v A OC REH B
Ferror Ry MR TIARE 2, BN 1.955%, 22 IR E 7 IH-F 32 TR 2 & A &
BT 2% o Anlrptnum 2 7m TN F7 IR RE AR 2 7 HEAT B0 A 50T 3508 1.866 K.
Distance 5277 N5 L AR PREE RS, MEN 1,341 2B DC rating 72 LA
AME BRI, WMEN 3.097, RUIKED ARG BHEKFE B KU E, X5
3 GREML. Ananum (125 R LI IRERE KA TN E T35 15.02 4. Gexp
FUREA I 2 AT T — 2560 3.49 4F5 Fexp SR 73 Wl ER BRI — 45 2 A 7] [1)°F-34)
29N 1.62 4 EREAIAN, FFEVAAFIIA 29.1 N4l (Brksize)

R4 ARG REXREGER

Panel A: tHXE SRR MERIT

AF Obs SEILIEN ez 25 pfif PALE 75 oA

Ferror 21,901 1.955 3.640 0.258 0.725 2.037
Anlrptnum 21,901 1.866 1.399 1.000 1.000 2.000
Distance (JRIH1E) 21,901 1,341 879 741 1304 1890

DC rating (JRUIG(ED 21,901 3.097 0.626 3.000 3.000 3.000
Ananum (JRIH{E) 21,901 15.02 10.37 7.00 13.00 22.00
Size (A JiT0) 21,901 12958 19577 3039 6053 13470
Gexp (JRIHED 21,901 3.49 2.06 2.00 3.00 5.00

Fexp (JRUR1E) 21,901 1.62 1.13 1.00 1.00 2.00

Brksize (JRURTED 21,901 29.10 14.30 18.00 29.00 38.00
Intan 21,901 0.041 0.044 0.013 0.030 0.054
Lev 21,901 0.138 0.155 0.012 0.068 0.240
BM 21,901 0.354 0.257 0.171 0.280 0.465
FH 21,901 264.84 90.48 196.00 263.00 339.50

% 4 1) Panel B 31l7n 1 AR R A K RBUERE, £ EAN Pearson MK REL, 2T
N Spearman FHXR FZE . MEHTTLUE W, HIEFEE Distance 5TNIRZE Ferror 2 [H)
TEEMAIR R, UL BT AR 527 7 () 0t B B B bk, o0 258k s MR PR o
Distance 5TMIREL Anlrptnum Z (B TEAK KR (Spearman REA L), A L
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N F) 5 S5 T (R) ) M R BE BRI, A B U RE T TN AR s RO 2 . 5 B KRR KT
DC rating 5TUMRZE Ferror A2 HAHRIE R, UG SHEE KPS, TOlR 28
ANy G B EE K DC rating 5 HNIREL Anlrptnum [8]7& IEAHRR R, P IHE B EEK
STk, AT MR TR S R % . WA AR 2 RIFA SR RECE, BRI
FEAAFAE T EL 1) 22 B SRR M )

() AHRER. RBEEXDHIDTNIT 0 B9 I0 LM

BRI AR (13) R s Bk, BYE B9EE K DC_rating Xt 53
MR R B Anlrptnum FIFNRZE Ferror WM, 45 RFRT% 5. £ 5 ) Panel A
IR TR RIS R, Panel B FIUR [ ZIcEIAS R . Panel A 1, {5 B EE KPR
HEFEVFLN D 9 O Jeh&) F1C 9 (kg Wian], KPP aiEiirg B & (R
) MA % (F KAAE, REKGRER, §EBMEAKFIKE, Ferror KI¥MENR
2.35%, 15 B HER/K-mI, Ferror 3MEN 1.89%, W& Z=RE#E, UWWE BHEEK
PRk, PR ZE G FIREH, 5 R PEEEAKCPARE, Anlrpmum FI¥MER 17559, 15
S FE K=, Anlrptnum BIXME N 1.8845, T HWE ZFTE, WG EHEE KT
R, 73 B TR RO A 2 R IRER 2

F 5 5 BIMFTEAKTRT S HTIM N ERE B9 3 37 5200

Panel A: BT E0IE

Variables DC rating Obs. Mean Median T-value Z-value
Ferror KPR 3,216 2.3504 0.7833 5.52%%% 4. 12%%%
K- 18,685 1.8868 0.7143
Anlrptnum TP 3,216 1.7559 1.0000 -5.09%** -5.49%**
K 18,685 1.8845 1.0000
Panel B: % jrEJFL%ER
Variables Ferror Anlrptnum

DC rating -1.0169%%** 0.0093
(-3.07) (0.61)

Ananum -0.4212%** 0.0674%**
(-3.86) (12.74)

Size 0.1121 0.0339%*:*
(1.31) (7.29)

Gexp 0.0329 0.0369%*:*
(0.60) (5.84)

Fexp 0.1628* 0.1535%*:*
(1.66) (13.61)

Brksize -0.0826** 0.0968***
(-1.98) (17.79)

Intan -0.6574 0.0925
(-0.55) (1.09)

Lev 3.2283%*:* -0.0331
(4.64) (-1.38)

BM 3.93 4% -0.0318%*
(6.36) (-1.99)

FH 1.8827%*:* 0.0173%*:*
(17.34) (2.85)

Year Control Yes Yes

Industry Control Yes Yes

Observations 21,901 21,901

Adj. R? 0.278 0.148

E: S RONEEREUN fE, SRIIIEAT T Cluster WA, *kx ** *RIFRIRTE 1% 5% 10%7KF L& .



46 EEE

£ DC_rating Xt Anlrptnum 1 Ferror )2 JulRlVA, i 7 HARK 2= 52w,
FEAFRAE (Size)s FFHIMBL (Brksize) 55. A %TU\%EH 13 B iz K-
(DC _rating) XITUMIRZE (Ferror) [MFEWARE N, X—45 R UL, (5B EKF
ﬂéﬂﬁ, R ZE RN, 5 LA ORI — 30 (AT, 2009; J5EHE, 2007). F34h,
BRI KB, TR (Anlrpmum) 8%, HZERALZE .

6 HEIEEE XS A UM I 45 A Y 32 520

Panel A: BTSN

Variables Distance Obs. Mean Median T-value Z-value
Ferror FEES IR 11,409 1.8984 0.7078 -2.39%*% 2 65%**
PR Bt 10,492 2.0163 0.7412

Anlrptnum FEES I 11,409 1.8833 1.0000 1.95% 0.75

ek 10,492 1.8465 1.0000

Panel B: & xlEJ3&4R

Variables Ferror Anlrptnum
Distance -0.0333%** 0.0054***
(-2.21) (3.05)
Ananum -0.5131%** 0.0687***
(-4.89) (13.30)
Size 0.1091 0.0338***
(1.32) (7.30)
Gexp 0.0442 0.0365%**
(0.81) (5.77)
Fexp 0.1307 0.1527%**
(1.36) (13.42)
Brksize -0.0843** 0.0968***
(-2.01) (17.86)
Intan -0.4705 0.0877
(-0.40) (1.02)
Lev 3.3017%%* -0.0308
4.71) (-1.29)
BM 3.8425%** -0.0315%**
(6.25) (-2.00)
FH 1.8877%** 0.0173%**
(17.23) (2.84)
Year Control Yes Yes
Industry Control Yes Yes
Observations 21,901 21,901
Adj. R? 0.275 0.149
e T ANEE R ¢ H, ZPREAT T Cluster %55 LRGP IRIRTE 1% 5% 10%

KB
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FIHER (14) REAAE LM, RIHIEFEE Distance XI5 B )i i vk £k
Anlrptnum FITNRZE Ferror F5M, 535178 T38 6. 3£ 6 [f] Panel A I/~ | LA &
IR 5 R, Panel B /R T Z oA R WA SRR KE, UEEEIER, Ferror
FIBME R 1.90%, BEEIERT, Ferror HIME )Y 2.02%, WAL A2 FAE 5% /K- L&
=, ULIHEE RGO, AT TR ZE N . R, MERESERT, Anlrptnum WIEN
1.8833, BAEIERS, Anlrpmum WIBIMEN 1.8465, WifZEFLE 10%/KF EEZE, S
BT, A AT IS R AR A B IR

7f Panel B 1, 5| T AFH (Size)s FE B (Brisize) 25K 2 HI5M 5,
R (14) #ATRCE, 25 RARI: HPRPEES Distance X MM HUNRZE Ferror [
S 52N, X Anlrptmum WISEW R E . IXEIRE IR BERIT, A TSRV A
TR AR, TR ZE RN, SR IR T R 2, 5 DART B R I — B
(Malloy, 2005) -

(=) AHER. RBBEEXDIDTNIT 0 RIS Z T

253 AT I (RS TR 2 3AS SARAA S B, 2 AT U (30 0000 a4 52 380 V9 oA I PR BB
ERM, JEARIHELNE M. AU TR RO R B, BAGEEMRAE
BIFRbRN [F — NIRRT b, DU SR st 1 5, RIS BPERIE
o, HEAE S REEEANRALE EHE TR ESHFEELER, DRRHT
Bt 20 MR (15) #EATRIHBISE RIVRIER 7. R 7 28 2 FINWINRE, % 3
B TMIRE . KT WRZE IS0, DC rating 1 Distance WIFZWEE N, 7359
53 53 6 MH[A]; @ FARIR X Ly REUW M (WARERE—1T), 4R kKIZE
SYERE (F AN 888, £ 1% FEE). ¢ XUil, 5EMFEEEHA.
BRI, AR HTITRIN R 2N, ELAS S R AR E 5 1) A JLE BN TN R 2 1 s e
ERTHRHAFEERIEW, KR AT 1.

e Em R ek, KE BB AN, —HEE AR B R, &
AME BRI E AN S MR, © XONE BRI MAH, —HEE CHM DI, AW
SRR EN AR KA, & SCNE BB . 7 ETAMME BRI Mm%
H, FIHBR (14) NFEE ST, FRIITE 8. K 8 Panel A /x| AFME
BPFR AT, BRI o A I i 47 9 52100 s Panel B 7R | 2 A8 & [0l 25
Panel A {B7R, TE15 B &8 KPR /MR EE 1, R 25U Al R B3z 1) Tl 1% 22 (Ferror)
PUE AN 2.35%H 2.35%, ZRIFARE, KEWRE S BHEAKCHCR, Bk
FE0T 3 A T O 57 222 PR 5 W i AR 38 A 2 S T PR 8 U AR P 0 ) T U B CAmlrptnum)
I3 1.6887 F1 1.8214, ZEF 2 REH, XEWY], 7E15 BIERACHIN, BB R

O MRIEROE AR (11) AR (12), ATLAHEWT DC rating IFEWAREON 1. BARASSCHEI6 MK 2 5
EXTH DC rating 1 Distance SRR E 22 5, BN 1 35 BRI HEWT 1) AT 5244, X} DC rating
FIRE (-1.0136) R T-1 HEAT TR, AHRIH F{H5ET 0.00, MR P AN 0.97, BILTEH:
PR JFR UL, 1X—45 SR T ER AR Y (R HENT .

TR A RS ULE UM BB Z AL, K AP O BIRET A, RN X R RS
BE BASREHRIMEE KD, UH 584, G FEEARR 0.26%-
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x7 KHERSFBEEEMNSHIDFRNEIEKS RN

A Ferror Anlrptnum
DC rating -1.0136%*** 0.0088
(-3.07) (0.58)
Distance -0.0321%** 0.0054***
(-2.16) (3.05)
Ananum -0.4242%%* 0.0679%**
(-3.90) (12.82)
Size 0.1128 0.0338***
(1.32) (7.31)
Gexp 0.0345 0.0366***
(0.63) (5.79)
Fexp 0.1700%* 0.1523%**
(1.73) (13.51)
Brksize -0.0826** 0.0968%**
(-1.98) (17.85)
Intan -0.6371 0.0891
(-0.54) (1.04)
Lev 3.2095%** -0.0300
(4.62) (-1.25)
BM 3.9340%*** -0.0323**
(6.37) (-2.04)
FH 1.8825%** 0.0173***
(17.35) (2.85)
Year Control Yes Yes
Industry Control Yes Yes
Observations 21,901 21,901
Adj. R? 0.278 0.149
DC rating vs. Distance (F value) 8.88*** 0.05

E: ESNNEIHRE t 8, SEBIT T Cluster P, *rx *x * 5 RIFRORAE 1%, 5% 10%
KPR,

(TR R BRI SEAR, ST . 7E05 B EE AT M AR R, 6 2530 B T
RZE (Ferror) YJEN 1.82%, TIIKREL (Anlrptnum) PE N 1.9147; FEEEE Ferror
YIMEN 1.96%, Anlrpmum {5 1.8511, MEHEGREER, X—FREH, 4L
AT A5 BB R AT, PR BRI, AT I R R TR A kB 2, TR R
ZER/IN

FEPZEHI AR R AL S, % 8 Panel B $24t T T A F{E B FE /KT N 245 & [A]
HZ5 R . Panel B I8 2 2 3 FI 9 HbFEFR BS 5 T0NNR Z IR R, 5 4 25 FI R 5
SHMKER R GERER, EEEHREEZEN, Distance X R % 1R 5L
N -0.0236, ANEFE: (FEREGR, FARECH -0.0315, HAE 1%/K¥F EEE. F
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IR, PR BB ZERAE 10%KF 2R EN . XFHNKE, EEHRER
ZEWS,  HUEREE S TR B R RO 0.0011, AR (5 EMSIFRFmN RECN
0.0060, H7E 1%/KF E&EZE. FiRY, WAHARIHRBNERANEE. LR HRAL
BRI RZ RN, B TARB TR 2, BA S SXT T 22 1 #2 0m 7E
AE BRSO N EER

£ 8 AEMEETEKIET IR IR S 3 43 Hr Ui 75 00 43 1iE B9 52 M)
Panel A: BT EHHT

5% i

TR ZE (Ferror) T IREL (Anlrptnum)

Obs.

Mean Median Mean Median

G R ZE EREIS 1,587  2.3536 0.7676 1.6887 1.0000

iEN=SH 1,629  2.3473 0.8078 1.8214 1.0000

-t 0.0063 -0.0402% -0.1326**%*  -0.0000%*
(ERSEZ3 S FE BT 9,822  1.8248 0.6978 1.9147 1.0000

JiaR= v 8,863  1.9554 0.7322 1.8511 1.0000

izt -0.1306%*  -0.0344%* 0.0636***  0.000%*
Panel B: =94

Ferror Anlrptnum

Variables

EEBEAKTE (2 BRE AT

2 BT {5 B KT

Distance -0.0236 -0.0315%* 0.0011 0.0060%***
(-0.60) (-2.01) (0.35) (3.14)
Ananum -0.1704 -0.4764*** 0.0546%** 0.0716%**
(-0.61) (-4.16) (4.86) (12.29)
Size -0.0424 0.1480* 0.0434%** 0.0321%**
(-0.18) (1.68) (4.59) (6.21)
Gexp 0.3042%* -0.0014 0.0229 0.0389%***
(2.03) (-0.02) (1.40) (5.60)
Fexp 0.4526 0.1164 0.1618%** 0.1513%**
(1.52) (1.18) (5.59) (12.53)
Brksize -0.1011 -0.0830%** 0.0715%** 0.1011%**
(-0.59) (-2.19) (5.78) (16.90)
Intan 1.6130 -0.7619 0.2518 0.0410
(0.51) (-0.60) (1.55) (0.42)
Lev 5.2347%* 2.893 1 *** -0.0933%** -0.0219
(2.47) (4.18) (-2.70) (-0.80)
BM 5.1766%** 3.8365%** -0.0101 -0.0308*
(3.05) (5.86) (-0.30) (-1.82)
FH 2.0846%** 1.8325%** 0.0214* 0.0160%**
(7.15) (16.24) (1.76) (2.32)
Year Control Yes Yes Yes Yes
Industry Control Yes Yes Yes Yes
Observations 3,216 18,685 3,216 18,685
Adj. R? 0.294 0.281 0.153 0.148

e S AYEE R ¢, ZPREAT T Cluster %,

K LEEZE.

ok ok kO GIIRINTE 1% 5% 10%
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() FRfEMmLs
AHEFREAT T LT L5 T RS A A 56

I AFAEBX AR Z P sem GEILER 5), KA T EiAsHME B3R
Hok A = o M G A G B . B TE B EREE NS AaEr, 232N
KRR, A3 TIMEREE AT B, Rt e FE AR S. NEX —rm i, K
R B /N —3RiEnt 32 5 #7200t . X THE BER TR Bnsem R &=, M
7 Hope (2003a) BT, EHFEAFZMFFELE, QRFARME (Size). HFIHE
71 (ROE). WAL (Lev)s A MTMERER (Ananum). & itJiE (Auditor). B

F9 NHEEEHREMRAHEEFER

Variables Panel A Panel B
Ferror Anlrptnum DC rating
DC rating -11.5335%** 0.4362%**
(-3.01) (2.90)
Ananum 0.5079 0.0296** 0.0700%**
(1.47) (2.13) (5.70)
Size 0.1496 0.0325%** 0.0254*
(0.70) (3.97) (1.78)
Gexp -0.0904 0.0405%**
(-1.16) (5.96)
Fexp 0.5622%** 0.1375%**
(2.72) (10.67)
Brksize -0.0604 0.0968***
(-1.18) (17.25)
Intan -2.3244 0.1649
(-0.85) (1.34)
Lev 2.3415%* 0.0044 -0.0099
(2.30) (0.11) (-0.14)
BM 4.8226%** -0.0699***
(6.65) (-2.75)
FH 1.8147%** 0.0203***
(15.88) (3.12)
Year Control Yes Yes
Industry Control Yes Yes
Constant -4.3601 -0.9779%** 0.4450
(-0.98) (-5.38) (1.47)
ROE 0.0335
(0.30)
Auditor 0.0734%*
(2.23)
SOE 0.0143
(0.71)
Inst_holding 0.0989***
(2.84)
Observations 21,685 21,685 21,685
Adj. R? 0.282 0.146 0.093

E: ESHNEIEREN t B, SEBIT T Cluster WHE, *#x, #¢ *DRHIRRAE 1% 5%, 10%
KPR
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W] (SOE) MMM 0 H Fe Lus] (Inst_holding), FEE S —Fr B, BR T Size.
Lev Ananum VAAL, HAWAZ S AHEMAMER WK, ROE &5 2RI E; Auditor
NBWARR, BAF A 4 RSHMESIE N 1, S04 0: SOE NEMA R,
28w SRR A A R BUR B T BURES N 1, BICK 05 Inst_holding NI %%
F IR L] . 55— B AL () 45 SR ILER 9 1) Panel B, M RTLLE H, AT IR EREL
= (Ananum )~ T (Size) 11 & (Auditor) WU 55 F5 % LLAG] Unst_holding)
SHE BB IR HAAE IR 2 5o, ST — 8 iR 5 — B BOR Y O 45 B i R
KA, HEBARNEER (13), TERHTHIEIEZER, FI7RER 9 [ Panel A, MrHaLL
E, DC rating 3} Ferror WM R N7, X Anlrptnum W52 R ZN1E, X ULH,
TEfRR T WAEMEZ G, ASHE BT o M 22 . 0l o £ 52 mm 2 5 Ui —
.

2. FEAS EX AT BIAT AR R (R 6) A, Wi N AR, i
H IR R L A R PR AR, BRI B AR S BN 25 SR 55 BRI T o0 &R
(Malloy, 2005) . 7£ Malloy (2005) BB FEH, AT T 3 AN AR AT RetE,
FALFE (1) Local 43 AT, JGH: 2 HIS L3 ik 78 4 izt i X B 0 A, BRIER 19 2 w482,
ST RESE X BRER A~ w25 T 2 1900, ATAA B TR TR0 . X — 24 300, Hhag
PE B I S 43 A TSI 5 22 R B2 e AN e MRS B IR B B, T2 A BT i 3% 75
FAFEEAT IR (2) Local 73 H7 i B H AL 3 A D78 JE 2847 MV 5T B £l (3) Local
I3 M 4N BE 22 i) [A)FIRG 75 43 W% ;7 2w IR 55 Lot G 00 e B2 P 42 s R T
local & ' I 75 K- FE . AR HPIB B/ B e AR PE IR R, X T 82
HERE AL R, 2% Malloy (2005) B4, AHFFIEIA AHEL (Size)s UEFF53 T
I BT AE 55 B AT UK R Brksize )~ 0 AT DT BR B 047 Ml B0 Clndnum) & 115 52 CAudiitor)
WAL G FERE LU (nst_holding)~ UL RAG B FZHEEL (DC _rating) . 53 H M5 #i
TR OR, BRAS Sy R IR ORI T, T /N RS ) 275 i 5 AT R HH LA fwoze 3T, X AT RS 43
S Malloy (2005) Sk FWNAMSHIZ (1) & FHE, S5AFME (Size) 4567E
—AT, AT AR E A TS 55 R MU E M RO b R R BT . 2 B LR R M T ER IR
AT R, 2N Malloy (2005) 8T HNAEMSITREE (2) &, XEWE, o
JMERER TR 2, AT Be S EU TR 108, [FIBT L nl g S BUT W AR B AN,
ANTReA B T A T RE 5 B HREG N R 2 B8 Malloy (2005)
KTWAEMHIE (3) &, FR, PR s E R e, WERARNE RS
SRy, S AR R EE R . Ak, EiEEE T RASRIRAEE R A FE R
IR FR: 5 BIMEIEE (DC rating) * M iHRE (duditor). DC rating N Auditor
SR e X—8. A TiXeedE, WEE —-BRIRAEE (Distance) FEMRER,
g5 15 F 3 10 11 Panel B, NP LLE W, Indnum 5 Auditor XRA 1 BN IE,

S E BRI A AT S RO S B, e TR R B, BUOMARE A g, RE %
FIHURIEE ML 5, e IR YIS LRI TiT, T3 2RI T (A 75 R . > RlvA B AT g
REF, B LA ERER BT RE S (5 SR TR B . SRR A B RIRE TR X — A, RS RS !
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5 AREU SR AN 22 . Panel A B17R [ 2 &N A VE IS AL (5 B0 0 A Im Tt A7
NEEE, a5 R RN, MIEEEREOL, SArImEINGRZE (Ferror) M/, TN X EL
(Anlrptnum) %, 53K 6 4R —E

#10 FABERAEMERAHEREIFER

Variabl Panel A Panel B
ariables Ferror Anlrptnum Distance
Distance -1.2287** 0.0618**
(-2.13) (2.08)
Ananum -0.5983*** 0.0728%**
(-4.55) (11.16)
Size 0.1330 0.0328*** -0.0400
(1.27) (5.95) (-0.92)
Gexp 0.0816 0.0333***
(1.03) 4.71)
Fexp 0.3931%* 0.1404%**
(2.25) (10.64)
Brksize -0.0775 0.0974%** 0.0426
(-1.31) (17.39) (1.30)
Intan 0.2720 0.0579
(0.18) (0.54)
Lev 2.6193*** 0.0031
(3.27) (0.10)
BM 3.9243%** -0.0374**
(6.45) (-2.16)
FH 1.8618%** 0.0187***
(16.02) (2.85)
Year Control Yes Yes
Industry Control Yes Yes
Constant -22.0361%** -0.2045 -6.0685***
(-4.48) (-0.80) (-6.61)
Indnum 0.0566*
(1.68)
Auditor 0.5786%**
(3.46)
DC rating 0.1357
(0.74)
Inst_holding -0.0887
(-0.59)
Observations 21,685 21,685 21,685
Adj. R? 0.278 0.146 0.009

T S RNRIARE ¢ {5, S9RIEAT T Cluster %5, #0x,

KB

3 RNRIRIE 1% 5% 10%

3. AWFALME BRIGR R ECkET B A UG R, BT A Sl 5 2 4 W B 72 25 7
HURVE I ) M BE R SR A B 5 8, (E d T 20 M i B2 25 R ATLAG R 23 4 e b

oy B WYL 7 XL X () LT A

PRSI, AbE. i RPN FRES U EE AT S A E ) 47%.

NAf=H

NG ANII=P Y

T, PR SR by A w)E
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W AR X =N, AR AT S SR AU R B B A, X RE, AR R
BAMRAEENFEN, BOEHF ENAIEE. ZMEIICHZER 8 Mot L
B, N TR R, ASCREPIR TN AR, 5B —, R A AR A
FAF B AT SR, B b B B B {5 S P B AR AT [V, 15 20 M B R R R
(residual), fRJGPEFR 8 MFEMI_LHEATIRIE, 45RF TR 11, 58 MR8 %
= B W ARNEMEIL R EEEARINFEAR SR, XA B R G R
Distance=0) BANELE A I BELFRIE I, TGS B BE R TN o IHBREE A
SRS 17,459 DIMME, W4 728K 8 AR (A5 RRFIHD, RIS HrImwi iz
ZMEERER 8 B MM G A B AR DL N N IEEA R .

F 11 R
i Ferror Anlrptnum
Variables ~ — ~ — — ~ — - — —
BRIRER AR B RS E B ERACHR (B BT S
Distance 0.0204 -0.0549%** 0.0026 0.0125%**
(0.40) (-2.05) (0.50) (3.57)
Ananum 0.0279 0.1264 0.0855%** 0.0904***
(0.17) (0.75) (6.15) (9.85)
Size -0.2156 -0.2919%** 0.0202%** 0.0180%**
(-1.10) (-3.18) (3.55) (3.73)
Gexp 0.1565 -0.1588 0.0482%** 0.0447%**
(0.52) (-0.81) (3.17) (3.78)
Fexp 0.2608 -0.0005 0.1639%** 0.1454%**
(0.58) (-0.01) (5.06) (5.36)
Brksize 0.0399 0.0733 0.0667%** 0.0975%**
(0.28) (0.94) (5.89) (11.34)
Intan 3.2557* 0.4868 0.1966 -0.0139
(1.79) (0.56) (1.51) (-0.12)
Lev 6.4868** 2.6164* -0.0402 0.0497
(2.09) (1.95) (-1.43) (1.60)
BM 7.1339%** 4.5863%** 0.0409%*** 0.0320
(5.20) (4.18) (6.36) (1.15)
FH 2.2207%** 1.8580*** 0.0292%** 0.0305
(3.37) (3.15) (2.20) (1.43)
Year Control Yes Yes Yes Yes
Industry Control Yes Yes Yes Yes
Observations 3,216 18,685 3,216 18,685
Adj. R? 0.328 0.263 0.148 0.146

e FESAONENE R ¢, ZIRIEAT T Cluster %,

K LEEZE.

Hokok

v R RN BIRIRTE 1% 5%~ 10%
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. HREBCSHARER
FREIE

AFAE BAFRAF BRI AT AR A BRI R, DART# T %%
NS S (Baldwin, 1984; Hodder et al., 2008; Langberg and Sivaramakrishnan, 2008;
Libby et al., 2006) F1F\ 45152 (Chen and Jiang, 2006; Green et al., 2014; Mayew et al.,
2013) X AT EINAT MR . 5 ERBE AR, ARSI LA B R . (5 SR
ARG B ASE B Ta bR, BB A 1E BT IS B 7 #r i
TMAT N EER G REM . SRS R BN, EAIEE SHARE RSy, AR5
KOG BB Z AT (AMERD Mm. MBS (RAREE) BT, iEH iR Am
TR & BJRBOBR 2, RN R 220N o FEA JE 45 R 7K 1M B PR 2o 7 A D 0 47
HIIBEGREM T, AWEFER I, A5 SR R 7K~ S5 TN 15 22 ARSI £ 50 ) 5 i 422 25 v T 3
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